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A Hybrid Data Mining Technigque Using
Error Pattern Modeling*

Joon Hur** - Jong Woo Kim***

—m Abstract m—

This paper presents a new hybrid data mining technique using error pattern modeling to improve classification accu-
racy when the data type of a target variable is binary. The proposed method increases prediction accuracy by combining
two different supervised learning methods. That is, the algorithm extracts a subset of training cases that are predicted
inconsistently by both methods, and models error patterns from the cases. Based on the error pattern model, the
predictions of two different methods are merged to generate final prediction. The proposed method has been tested
using practical 10 data sets. The analysis results show that the performance of proposed method is superior to the
existing methods such as artificial neural networks and decision tree induction.

Keyword : Supervised Learning, Hybrid Model, Combined Model, Voting, Error Pattern
Modeling
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