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I Adel wil diEdR € gk, agi Z4F AT FAME JtE ¢ e A 719
37t Az=g o] BAT ARl

714de EAdE 2 AEHr 2y e s owE EEA(MDA), JAEH
(Regression), 23 (Logit), ZZ%(Probit) 59 TAX WiEsS T2 &43t9 $trHAltman,
1968, Ohlson, 1980; Altman, 1983). Z&ju}, 1980t FurE e AW ¥ H(Inductive
Learning), 915417 %(Artificial Neural Network), ##32} ¢ 3112]5(Genetic Algorithm)® 22
%A% (Artificial Intelligence) 7| M S92 $-FA0] SEHAA 7|FdEA 2 AAH7} Tl o
23t BHES 8317 AFstdt

B dFdA ddez e 7|galsdrte 7IgELd S, dEsdERd Y 22 o
(Binary Classification) A4 ¢ 22 th&F(Multi Classification) & Aols, g 1EZ
g A8H7 AE7Ee] Ao o pH T AATA FAYG AFA T FoklA olg g 7Y
Bt FAE agd o Asr] % g2 A7 JIPHA ol A+ i BFH £
Mg 7Igte 2 a3 Q7] Wi 2rlolE HAEA, v FHEA FAE 24, 24 E45
22 BAA el di olRHAoY HTd e ATAEE, AHHVINFE, $H1A dngE
5 2 HSAA Wi Eo] TIsA AMEEHI Ut HY B2 d7Eo] $A4F wEEo]
1} ID3, CART, C45%2 A3 4y E(Inductive Learning) Bt} A3 571l & 7144&
Gl & AEEE o FAAND F Y25 BoF3 9tk (Jo, Han and Lee, 1997, Kim and
Han, 2000).

AFAAGE T8I o] Hrt myol €8 oA AP ofof st Aoz v e U
gulgo Meo] gl ol T 2y d5 Fustel AHY d4E A3 P=A] 229 F
Holt}, A g7k Aol W A Yo E W B4, 23 24, FAE £4, 849
A, 28 HEZJY B4 Fo] Ak

£ dFdME oled He d7E gl Adsta] 7|&d o7 okl SE&HE WA
7193 oS 7 718 7 /M BHES 29T N2 gHY 79U 8E LS Atel
1z} g}, ol Aol 1 29E F1 e HEZFY ] E(Rough Set Theory)s 7175 4€
Aldlo] 28 B3 M2 Aldle AFE dF3s A7) 92 (CBR, Case-Based Reasoning)
A% EFott

vl F 2o A7) AFtE Iyl 2S 7|PALHIE BE o 2sHA # olfe F
2o AZFo| o) BAXE I 2 AT deHE i Atold] 55T 257049 1
olth, HEAFL A AYZAtets 23§ A A9 9 (boundary region) WEol 1 <t
B2 A EE] HAH#(Fuzzy Set) o EF3te] 4k A% o] F HPojg2 TR A
Zo| th2 1 ARHoZ I o] YFo HIYFo|EE B AT AHE3HA € Holth

THA Aol AFY A ¢ i 259 o AH/AEA AR A ERT o 24
BEA3(Crisp Set)# HA A} Fuzzy Set) 2.2 V& + ded, d=Zh¢e 2EHo2 1A
ol 1 719¢ T2 Ut dE B9, FI7F E AREY BdolgE HANEE AY A 3

R

> f Ar
do i du

ghd
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Hgolezt Al NEEe AW 190897 28

Ar BZ33HAR 172Cm, 180Cmet 22 A o2 HAlE ¢48 7HF # 3dd. 88 9 94
Eo] ‘717 & AFEEY Y Yol 2dHE AEE 243 (membership function)o] 2] 3}
ARET o7 WA YL AANJFH Rudle) 4AHE g1 Qv F JF AAE 2
AUt R FRAAT Aol £&5HE Y425 B WEEH 7] &
A3 2% ARE AR Y 5 e Aoldh bEhM, HE3A 948 IR YA E A&
sEolghe A vls] FEsA o= SFd £3eA & 5 dE VIYolEde YA EA
ol e A AR ojzjd HEFol2o] AR st £ AT M HEZAF &
< B3 Agd F8 W5g VR Vg AEFTEE dEsy] A9 ArINEES £F
E¥(Classifier) 2.2 A&3tth djHog e #22 Ag8E 7MA 2 dEIFAAR o|FoA
AEE s EAd 52 HFES 2Y F Jov, A A8 /A E 8 54 S Al
Holglo] e 8o wdd 4 Qe F& st 28I r}(Riesbeck and Schank,
1989; Slade, 1991; Kolodner, 1993).

B =22 tdd ol #AEH Ut 2T V& =FAA 7194E897 28 NS
A3l AHEE F2 VU E diF] dotiy, 3P M= o] AT AMEEE PG| A}
H7|FE9 o] &A wjB & AT 4NN E HEIFRY S T W A Ak
B9 43Ry A AAEY S Y3t 5P B =RdA Addte HZA-A1EH7)
U8 (RS—-CBR) R3] Ha4 g AFsh] 94 dgad 48 33 AE dojeld oigt 4
R 3 oo thsiA Ziedt AJARF Y 71QAEHIF oo QoMY HE BFAEL 2
A% 719 2y FAH Y Fo Uz TS TN LolrA 2 Aot AUERY
EHT AY Zyo did ZAE AAS, Aol digt 9408 v, £40) XE) 6730
T AA A% 2 AANEE dolE1, FF AN EHItA AgdrPe] B8 Wty d79
SARE =23t

A

roy > e ol o

I. 7|gME8TiRY

7149 TitojSoly 71golg, AME, ARE3 SH(ABS, Asset Backed Securities) &
AE5H 23 g o] A HoR AFH o FAH el Bol AHEHY g &
A GUHFS o] EddA guEldy HHEA(MDA), FAHE EM(PCA), 23 ¥
(Logistic Regression)oll ©]27]|7}A] thdh W go] &3t}

G g FAold DU F ¢ Y AFHTE o] &AM VY Rl e AT
RS Atz st weltt of YL AVIAH FA7IAY AFu& Abolo] AMAHY
o)t EAsta 22 g xpojrt 71 REQEE Y FAHoZ o]&E F Qe F JIA
718E 7122 2Esa ok oleld dUWEFS o|8d FAY WHEY EAHA dFE
Beaver(1966)} 9% 2 Holt} Beavers AFH &S o83 BT B S VR4S

X Ay Lo
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Hgstogn BAd=Rotd BAA WE2S HE3 2o A7y § £ glow, 19
ATE= 1943 FE] 1964 Abol o 7970 BATIY T 1909 BVIdE BRoR HAAsa =
23U 24 (Profile Analysis)@ o]%¥F74 (Dichotomous Classification Test)S o8-8t zj
FHl & o3t 7] F4 dS5EHE FGrisigth

thiE AR Hx Ad4E Altman (1968)9) Z-Score Z¥olth. Altmane thil 7449
A0 &L o] 43 e w3 24 (MDA: Multivariate Discriminant Analysis) 282 7123
Jed, ol Moz FRHA AFH LS FeHoz TFET daesste 7YgFA S
AYHQ o ALEm girh thazk FHdEA o|9oE Z2ZHEXN(Probit analaysis), T
%3 724 (Multiple regression analysis)® #& thdd SAEYPE] ASAHAFEE Fo|7] A
3 WHEoz o] AMEEol 231 Qvh(Martin, 1977, Johnson, 1979; Ohlson, 1980; Hamer,
1983; Takahashi et al., 1984, Zmijewski, 1984; Gentry et al., 1985; Lee and Oh, 1990).

1980 th kR AFANAY 71 AGHFEYY 59 dFAT /EEC] 7I1HAE%71
23] Hgxo] ko ui(Elmer and Borowski, 1988, Odom and Sharda, 1990; Cadden, 1991;
Chung and Tam, 1992, Tam and Kiang, 1992; Miller et al., 1995; Kingdom and Feldman, 1995;
Barbro et al,, 1996; Jo et al, 1997), A2olE I AF AT/ IYEY EJES A8t 58
HHES B3 o5 e HEE] AAEHL drhlee and Kim, 1994; Yang et al,, 1999;
Shin et al., 2000; Mckee and Lensberg, 2002) (<E1> #x).

<E 1> 7|gAB8HInd AH BEAT

1966 Beaver gdEEg

1968 Altman MDA

1977 Martin Logit Analysis
1979 Johnson FAAEEH

1980 Ohlson Logit Analysis
1983 Hamerd Logit Analysis
1984 Takahashi et al. FARES MDA
1984 Zmijewski Probit Analysis
1985 Gentry et al. MDA, Probit Analysis, Logit Analysis
1990 Lee and Oh Bayesian

1988 Elmer and Borowski Expért system
1990 Odom and Sharda Neural Network
1991 Cadden Neural Network




e Zgol 23} Atell7|@ 38 S AT VAN EE7 2

1992 Chung and Tam ID3, AQ, Neural Network

1992 Tam and Kiang ID3, Neural Network

1995 Miller et al. Neural Network, Fuzzy Theory
Kingdom and

19% Feldman GA

1996 Barbro et al. Neural Network, GA, Logit Analysis

1997 Joetal Neural Network, CBR, MDA

1994 Lee and Kim Hybrid Neural Network

MDA, Neural Network, Probabilistic Neural
1999 Yang et al. Network
2000 Shin et al. CBR, Induction
Mckee and
2002 Iensberg GA, Rough Set Theory

m. A7y
3.1 A=FHOIE

Az ol 8L 19829 Pawlakel of3) & AAMHUTHPawlak, 1982, Pawlak &
Slowinski, 1994; Pawlak, 1997). o] 0|29 2 + & HEL S E7 ] AR S A= B
3 ojd &4 F84¢ Hobste A, 28l Il flE HolHE Helster AHeEe A
golth o] M2 WL EFHN LR 715 HolHE MY F dvhe HdA FEIE, 7
o], 281 HA o]&FH FFHE Mt o] o]EL A ZE NAEL 25| /1A od
AEEH YRS A& F Ave 7HE sl A AFdch 59T JH gdS A AAEL 1
9 AEE Q3 T4 Aoz HFHh o2 TFA BAU e=Z gl &9 7zt "t

ofd A4 LS 7M1 FA3E 7123 $H(Elementary Set)o]g} 3la o]Eo] ol® AR gl h
A2 712 dHE ol&nh o’ JEFFY FHEol He AFS Yk F(Crisp Set)ol g} 3t
1 a3A & FFE S ZP(Rough Set)elzt dhot mpabA ofm e 1 Hiholuf By
o] 7AdeE FA3AE §3A S F de AAE F, ZAFEEMNA (Boundary-line Cases)
g 7tac) =33 39 2AHLower Approximation)®t A$) ZAHUpper Approximation)2
Boe 929 diges 5¥E + vk A G444 QA 3 A &3le 4 foln
Fae ZRE ste A £ F= de FSolth

S EZAol e i B E FB HolE(Information Table)o] FEj2 velde} 8§ B2
MA S g FEolx, d B2 A s A% SHEZ TAH ot 280 watste

Hm
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A Bl A $43cs AAA e dHEQ volgo]2 HolE FHYE Hrt
ol 49 FeE Uehld g3 Zrh(Pawlak, 1997).
S=<U,Q,V, >

S:information table(} B & o] &)

U: a finite sets of universe(7} # )

Q: a finite sets of attributes($ 4)

V= U V., V, :adomain of the attributes(& RIS

qe Q
£:U x Q - V:atotal function such that Vg € Q,Vx e U f£(x, q) € V, (Information function)
An Hojg S=<U.QV. f>ox 24 3¢ 32238 A e 23, Q99 A4

xHel) g ixn nge o, V€ P, f(x9)= f(1,9) o) 278 BE8n o] So] o
&4 A% Pl Uistd 324 BE shcka 2ank ojz AS Qs AA AP T DA
kel £44 BAE FHYAY 9 o] E Pol hE AN BA'E ST P 2 FEITL
A4 44 32 Q% POz vy 34 44 38 Uz MSD) g Aue gzag.
Pol tj3t 3191 2AHLower Approximation)9} Pojl tidt AH¢] ZAHUpper Approximation)= Z+Z}
PYq Pys guinoz @z thes 2ol Uehd 4 IthSlowinski & Zopounidis,

19%) (<2@1> #=2).
PY={xe Y, I,(xc YV}, PY=J I,(x

x€Y

Headache 4

A2 A —

(Upper Approximation of Y} I Hc)

SH 2 At
(Lower Approximation of Y)

Temperature

<3 1> A2 AHUpper Approximation)2t &H¢ 2 AHLower Approximation)
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Az Ygoles Al HrE S ALY NYAEAT vy

£ b2 AYe2 Y ¢ Pl )3 7% #(P-Boundary of Set Y)ol Qedl ol 424K
Wl AR Sak4 Fobt A4l gl 2 stes, BN(Y) 2 dehdn.
2 ojul BN,(Y)=PY =Py ojt}. tha] wal 4 s9l2AE LYE Pehe £ 23
$44 QA Y Al 2 5 98 A4 A AF U o BE 4259 Aol ¥ F AU,
HATAYY PYE A%t 2 22404 ¥ ol £ $E & Ygolz
AN AARES $448 T ¥ AR $3031 ¢ & 9k A¢S B
AA A 2Rl e YEU) o om $44F P 24 ‘259 A% g AL

a,(Y) = Cardinality(PY)
Ao 4 9la, AL Cardinality(PY) ©o|Ch

548 Auelold S o A4 £4 37 © o om 22 33 P(ED g naaa a9

o AA ARe seA 2ee g ¥ =HLRLLEL) o mead o 2ge 44 W3

m?‘-

FY 9 Agsl @
Y3 A9 2ARE BeH 2ol vehd £ gtk

o &3 £452e SYHY Aok pryy LE=LL.n) o »
1

3¢ 2Ak __P{ :{Bxs_l_)YpL 7£Y;1}

Aol _;L;\} —{P PYZ,L PY}

5% olgalA £4 Y Pl o) AAHE B Yol ‘A FUE"E 2
of Wehd % e, oA AZHF BANA A9 s1Fe] F& Y 228 Bolk o &

f &4 Y P o= 5244 A2 54 FAsE B 3
O AES T £HE g 2on JudelE SN &4 Bt £47

ol #AE Fohle HAHol FA4F BEojr}

270 rlo
N
)
2

> Cardinality(PY))

— =1
7200) Cardinality(U)

e Fag TAE SH4TE F v e 4TS dHse 2 (Reduction) 22 o[ & 9

a4 99 “2Ae] FAE'E gt = ZfE wsz LSO A4 £47 Q7 7

- QE BRS 2 AL A GUE'E AT ¢ ULT e WPOT S47
garma (A V=4 )

L2
g e 49 8 M 42 REPSO) & 447 P Y -reduct’# 8 FA

N

rio,
B

=
3
il
N
>
v
a8
N
2,
X
s
rlo
oX,
1
o

1
>
lo
i
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THEA QAT A14A AlE, 20068 649

Reductzl shi=d], “RED, (P) »alm grlets2 @) Uubxow HREo|EL s} o|A
ReductE 7}3th 2.5 Reducte] ¥ §o] H& £459 AT “£47 PY Y -core”

o] «CORE, (P) a1 e Aoz «CORE, (Py=] RED, (P) - 2 §E 4

71EY] AFoA BEZYPelB8 L T2 e S LTS 71gH e 2o o M
AR HEE 22 3949 71 WSS ol &AM ABHIE g d3 A S dojd Aotk
(Slowinski & Zopounidis, 199%). 1 ¥ 1e]29] 719 A5 7HedS dZAGol &5 o] &3
o B7tg F o] i BARAM o Yo}l vlwe AF7 AchSlowinski, Zopounidis, &
Dimitras, 1997). &3 719 54 &S A8 Sz #4& A28 F 2 A4HE 24 239
#o] 1K Dimitras, Slowinski, Susmaga, & Zopounidis, 1999).

Fol AEE 98 HELF|ES S83% AEE U EH, Hashemi et al.
(1998) & AA%Y dAxe AFor HZYYP EME AR o] $3 2-Dimensional
Reductions &3 &2 AZ3 £402 HH Eﬂ°]%% T F AFste S Hadt ¥

3702 o] BYL o §AH 249 AWTEE dEseln ek olsh FAR PHE ol
A AFAABOL 19 FA A% AZYY A2 AFHA, R ATVAYS CHY
TR Folahl et ABsol e AZYY LML ool 1 AREL FHIE
WHEE AL 7k AT, o EY, & I, 1999)

3.2 Al|I7|8E2(CBR, Case-Based Reasoning)

At 7|38 RS 27 oj$ste HAY AEe A, BAY ALE o] &3}
MEE AFE AdaAY, BAY A2 A sigS FrtsiAd, BE HEE AES ols)st]
U AZE FAC did Hge sgg 2] Y8 Ad2ZREH FHsE AL v gt (Kolodner,
1993). Atel7|wkE29] 7Edele d@7t B34 A& £7] AsA AAd EAE 23
[ AP e v o2 N AHE FE8td Fold EAE £ 3 AFE, 32 BY
A F8E s AT 22 Aovh 1y, Azt 71GEZ39] dAR st Al 7t F7t
St AbES dA) Foizl A9} 7H vlkd AL E FA] Eala I AP Ay b
7]Q"°ﬂ g ALl E Robd FAE sjFdstua st 1enE Al HEE A 2-E ol g ¢

FH ] ¢AE FEIFEE st} WEVLY] 2AEHE 7] & AN Alzdolgta & £ 9l

’\}@“7]“}1 of &% AT wff s dojutn Jom HI P At FANA g =

T2 %ol Ab&g 3 vk Brown® Gupta(1994)ol] wh2w 2ol = o 2bahA, w833 A4y
7h REEQ #E, 7199 AEET A4, A8H7L RS AHIL 2T 5 AT % 3

Aokl A &utalA {851 gl

A 7128 Aslr] HAE HA At oigh FHEYH I Abeol digh A
eHato] Algl7|WERE 0 F2E ZAA ook dhof. Abdlel ZEWY :

ool FAE F7] YA A od dH g Hesal E ofw
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Haygoles AVINEES AR /4897 28

i

-

AARste Aotk AldE EE
Ao AdPes Hdsl=
(slot)e] e 748 =
structure) 2 A&l & T3
g QoA 73, Zye, F
A B83hE By 5ol
oj o A FAMRE A E &
ol RE vl
Alg)7| e 2o #d 7129 A F(Barletta, 1991; Kolodner, 1993; Brown & Gupta, 1994;
Aamodt & Plaza, 1994)o] A A% ALg 71wk 529 #4e ZZF ofzte] xfol§ Rely 7|& &
AL Y3 BA N2 FA7F FolHES o Aleo]zolA dA T FA Y HE F7
st A9 A E 28 3, £29 AHES v A dnEFo A&t AHAE AA
&(reuse)3t i s Aol o] &3t Wk FEH Alalo] 93 o] MR E A HFA H{sA
gow o2 FA(revise)st M2 FE AMAET o]F A M2 AHHE A (retain) &
g Aotk Brownd Gupta(1994) Abzle] AQle Eol= WO A Al BAZ F2
(associative retrieval) & #3) Abale EAe NPH oz MqAS Eolv W At AZH

Of

Fe ol Alale 548 Foste £4(attribute)d] ¢ d
7 & # (feature representation) B9, £49 #& X €%
19 (frame)o] 319 x=E(node)’t ®o AFA 7 Z(hierarchical
=z Wy, 28 Zade F3E Mo AHE EHske
3Habstraction), &< (inheritance) 53 22 Ad& &3 H &3t
1t} Abdlo] Mg ol AL AT AL FARE o At
Aoz 7 93t Atzlwio) 29 AlElE 2A st F A (label) S

o ~
o
o OF (lf & I

m{o;

A8k Tk
949 FAL e A GAR 2okt 2>FF).
19A): ] M (remembering) - AHEl FZ(case retrieval)
224l A &(applying) - Ab&le] o]-&(case usage)
3&Al: &<5(learning) - Al AR 70 (case-base enhancement)

indexing ._..! . ]
Rules indexing

vomery | __Remeve [+ iy
Lkmﬁcvcd case
{ Store } ( Adapt - "‘d;m““
T LPmpc:scd sohation
{ indexing }“‘{ Test ]
New case

<ad 2 > All7|gtFEES FE Y
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V. HEEE-ART|HFEHED S

719 e A8Hrt 2y spdelA g oy #Y F9 stde 7 ,
Z 2yl Ajs & AgsA Al 7IdE EAE ¢EE £ U ¥9FE ddsie Aol
I HMFES *E—‘.“‘S}~ g goiM HEHez /‘}%5101 & UHEZE GEF t-test, 1-way
ANOVA, #dE4 9 23849 stepwise method 5 Fé' F Aok AT ol FAH &
HEd e BEA AAAk e A% 7HFEC] A2 nE Ao mebx HIZ ol28 o]
& EAA M E 4slstAY ot FAE £ e ‘”%‘ Eo] 3] d7HZ 1, ¥ A7
A AR IR A O F9 YR B 4 Ytk

B =FdA 71dY AE5FE d337] AT EFEY(classifier) 22 AME# AL, A3
o2 H& R AEE AL & HFES HoHUA FAY AREC] /X E F& B4
& ATt vlolEd] g E o2 wigdsie o2 4@Z A 7| 95-E(CBR, Case-based
Reasoning)ot}. =3 AA ] 23 249 W MA $Ho] o= JEAXE Fotrry] A
o By EXojy FHE AT 2 AFHY FTAVIYE o AFANAY 22 gy
AFAF 7IHERe] JF5&S vlustdrh

HHo] W48 MA3E Aloptimal feature selection) FHojd o 2
(classifier)& /W&ate d o 7Hg F2% A9 shrtolrt. 39 "2
(predictor)e]l AH&EE 29 4 ¥ H FYHAY £& 0 F -‘?—-’Ff?} A%E Yeni™
Al vlE] Aod ¥g AP V)E —% E‘l-’*‘— AZ F Qe MeT % FEde 7}1% 9]“]?'?}

k! R

b A
r}.
ol
2,
[
2 M

e} ol wakzic
A7 g We 4R e 27 4ed 2L 5 A 589 sz A& 4
sict,

o
Fllkl
Hu

42l (open-loop, filter, front-end methods)el e AAH ¥H4E

of tisf olmE FFE vl AAX A & nstA] deth F A
AAE HEFE o]&8tE & RS F /e SEHU 2o

o= ‘lbﬂ o % Ea’«] HZ g w3 Wiyt deptex] 59 FAA AFHA R
Z £49 FIZE el FAlolu R4S A3t 3
AN7E HHAA HAH W4 A At metA ol
HEL HF o Ry Avd mZ oud FoE B g

P 2
-Log‘ lr.l

A

o

o,
(o201

=2

S o
P
, to R

fo i E
w
>
g
I
X
ol
N

AN

o

o =
N °¥N

o e
2
S
ob
s
rE
i
2
ox
ol

F 2 (closed-loop, wrapper, classifier feedback methods)

ze
W whale gk gz ¢y wWg AR 712 AAS AE JE2ryg 3¥E %—%
&3S 93 AL 1 A7E vlsw vy g getA

£39 G 2 4
A U A9 5L 41T 02 A4 AL DAY 07 F3 F O ST 2

w Y
fru
[N
lﬂ
~1m
[kl
ol



AZAYo| B AVINEES ALY NUNEH 1Y

ru

F Atk AEE HeTe Yol dERYY AFES HaERHEA 2o weddy 1 2
g BjuEdA HAHY HFE Kol MSFEE MEsA ot o) FRRE-FZ WAL
dErge) iy E gl o3 durdor O Ao QE-FI w4 Hjg] Hold Ao
2 oA AAT, dn) W AAGA HF oF RYARAE 3t FE2 B3 I Add ©
2t dojo Melg WHEStojol sng I A Ao 28 HE AjZto] & FEog AEd
.
B =8odA A7 EE9] s 448 A8l AL o] 8L 1 A He A

A 71EE 23 23 1 71Ed RFo] MFE A F dFEFP AT HEHY L&~
Fx g ¥ A4 gygolt HZY{| S VP4 EH B E5EA 8 olwe F
At HEZYgo| BN BAAE AHH 2 Ao eHE g2 Ao 55§ 25709 o
ol HEZHFL 3 2Atet A A e 25§ A9 9 (boundary region) W& 1 F
ot B& AHEEC] HAAYF(Fuzzy Set)# &3t %‘5} AT o] T o2 TEAHLE

Aol 23 AFH O R 1 Ao ‘qi-v—"ﬂ HEFo| 28 E A7 AH8EA € Zolch 3%
3HA e FELE UroAle AgFEolge M Hlsﬂ A& A ol Tl £3=A &
T Qe 7Idolgtes daEol %7}15101 e A H Lol ol TR o] Eo] H& 7t5et
ok & AT o 1—5 HIYFol2S T8 AEE F8 MFE 7wez 7199 M85 FE 9%
371 Y8l Al 7|98 S B H 28 (Classifier) &8 AME3ith AHFog AHe 729 73S
A D e FAAR o] Fol Agxe YqiEF FAld ¥ IFES BY § Jod, 4A &

g0l 7IAE 8 54E AfdolHd HiME EHH R G + e FE 1o
HEIAYE o] 43 HF AL 7wz Al E UYES Afsd nie FEEY
(Riesbeck and Schark, 1989; Slade, 1991; Kolodner, 1993).

V. M5 24

0l
MI

5.1 ol& G|olE

£ eRdAE woh AR 7190887 BY ALe Aot ATugel gD A R
£¢ A% BYL AAnA Bk ol AFRYS ABHE FFHI Fatod St
NGAEH RN FHE 120709 194 Bt AEE 722 4¥S H3 1 AHE
e WARN, FAREA ¥ AFAFT Phel 9@ Anst wusdn. 198, A
SEE £33 AFAY BHAME St Ux N1QAEHI} BRE FEE & AR
2 dolHE 719A8%7 A2 3 A=Yl FASE KOSPIY 435e] A1 KOSDAQ
of $550] Qe 12065709 7|de BRUHE Atk /1Y WEFTFE NgRRI| Y
o 34 AEE o1 §AAL, A AY 71AE ATAK ARE FTYFIAGAYAA AF
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she AR diolgulol 2ol M 23t B2 E o] AxY 2% 7

B89 Au2d 5 AA 4FE TeAste ERAME Bt AP BYE 7557 YR
gz 45 540 B MedA ol UeEz =eHer dud] JE 498 2
A 5 U Aoz Bk7] gEolth o & 71dY UE5HE 2A AL A2 A3, B, C9 55+
o2 YHI e, ¥ d7dMe Hd Al [, A2E 2, A3E 3, Be Ce 42 ®713kdth
B9 C 58 slve] 5328 |2 olfE ERY EXAME Yehtk C5EE & 7|0l
AAz A9 7] gl CoEE B2 7IYEL o] =AM 7oAy &% =ito] A9
44 He VI9ER, AT TR A &2 dRE9 719 A 1 sdes BEEE ¥
ofsta ok whatA 2002 714 HE el A Yetde Sa59 CoF 7Ide Bes3 37 455
o0 AR T AA HYriok & Aol g AR G4 5 Urh BE T WS Fo| FHE
714e Agsien, 299 758 HE S8 vlolH(training data)® 2 559 80%cl 3
Fate dolHE 283 YUrA 20%S A5E dolE(validation data)2 A3 BE 714
o] Aok 3 e Y FgH FF S 93 AHEE F AEZ 5-fold cross validations 2 A
8193, 3 A d(experiment)®] A7}t A viA %ol = 519 HPE TEY 242 ANEA
o HI3HY B2 7199 A8HI FF BEE <EF 23 o

1

<E 2> MEo| AIRE HE& 7o MBHIIESA (H=Y, 20024)

1
2 442 110 552 42.6%
3 266 66 332 25.6%
4 245 60 300 23.6%
g A 1035 260 1295 100%

F)15¥ 2 AL 259 2 A2, 359 2 A3, 459 2 B&C

7194837 808 AFAEZRE FE2HE ATHESG 7199 g6, 4] € #7489
o] AT HFE Yol B F 9t} B =R HE AP AFHSE FHE 3
Ag gt oy, vAFRErt M E FH4Q BB
T& F7ete] BAg EAdAtel He AFE
cd #23 Aoz WA 39709 H(FEAE 1071, ‘F—Vé L{{ 1274, ‘&73"3 A F 1071,
AFEE AX 40, A AR 370, <ED F2)E IAH2E st ae|dd, dUT, &
£ 1996; Shin & Han, 1999; ¥71d, o] &9, & @A, 2000; Huang & Tseng, 2004), 742+

W e met 1fe ¥ AF A S AH 2 HeE ER90

Ao AMRE 2859 7% TAEA E HHEA, ?—*é%v‘i—@.% 98} SPSS 11.0& AH&-3H
2, AFAAEE NeuroShell 20, AHH71w3:Ee KATE 502, Z8xn 2EFIY BEALS
ROSETTA 1441 Ar&3l5d.

o
tio
i
oft
ol
o
N
2o
Ot
ok
£
o
oX,
N
L
off
ot
Iz
2
oX Ho #Hr ot

rE o

t

oy e Sk

o
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<E 3> =0l A2E

ALl B A RF RS

A2gE 714

A8 Y

% oo : Sl A SIS SRR EAR S

X1 | At 3676055243 | 974301004.16 4871587 | 75447652336 | €
X2 | w8t 13303185624 | 467951010.78 62005 | 34037937779 | ¢
X3 | At 21850913074 | 75204846310 52178 | 596559621017 | @
X4 | A|AE 15003016947 | 46746851737 19185 | 424283737043 | 9
X5 | WEY 30698101040 | 935699039.37 1279735 | 683624462783 | 4
X6 | ¥7HA 6742162 22854451 3751395 200014652 | ¥
X7 | &5 17167347055 | 513319735.23 115819 | 33138893158 | 9
X8 | #Z7Mdzh) W45342.12 | 1772146002 494 | 26793548640 | 9
X9 | 19guE 2130 43%.30 103 8%2% | 4
X10 | 9ol 037746488 | 83410690.36 7056158076 | 766%6192177 | €
X1l | 371¢0l9 1059924200 | 7347961885 45671227 | 7418844215 | 4
X12 | F&oy 108499 335057 13012 170863 | 9
X13 | 49 250 1457 1 688056 | d
X4 | 280l 429 1078 30.79658731 3003 | #l&
XI5 | frEithulg 3800 2038 75.06799026 11642 | Hl&
Xi6 | S4ul84eE 1.2 418 2523090075 B4 | &
X17 | S840 SdEgu & 0.00 0.00 0.001994538 000 | v &
X18 | Sul&djEu4u) g 0 284 9.7187682%5 1159 { 9&
X19 | #Z g 4e)$ 447 379 0.4 1842 | &
X0 | aTRNE 4856 19.11 221 B4 | H&
X21 | ARlEYER 27.18 1772 001 897 | vE
X2 | AT E 5397 21.04 0.24 007 | vE
X3 | Azt adel g AN 16.10 0.01 7871 | H&
XU | @AY dEAS] S 808 2409 0.1 0N | HE
X5 | 3 EUA0E 1207 3648 143595747 16506 | B]&
X% | d4FsEd R & 062 1287 269.8068657 11020 | ¥l &
X217 | 33505 S 3% 1041 32.31392371 ¥5 | HE
X8 | #A2EAES 1657 2995 2344 46330 | vl &
X9 | aAEAALF0) S 156 348 0.001397623 682 | H&
X0 | 3Aul& 164.46 38723 0.9 4%176 | vl&
X3l | olznAul& 280 1175 1291.330069 125842 | W&
X2 | FARENE 067 1545 59.8833453 5173 | vl&
XB | A7|AEEeldE 5.13 5150 390.835714 38167 | vl &
X3 | AEFYYeldE 53.04 12877 512.05 78750 | vl&
X5 | AEFRgeldE R 1%693 716.8245249 9 | 8
X% | WEdEedE 19.15 15.14 31.590965783 072 | 8
X3 | siEY3geldg 58 3662 192.8080176 1527 | 8%
X3 | (AEenHRAY)/ 2=t 18 175 0.176434817 R0 | HlE

(985028 dTEE
X9 | dFuHAaAAEAAE) 0.04 0.26 2007845094 3% | v&
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5.2 AlE =8 4

AR 7|AALHIt Foboll loiA e AR Bl E AFTAEY 7wke] 2¥ 3 FAH
2y 59 dx AETE T4 AFA 2 gE-AE AR AN8Yst By
A9l &g Fido dd AF £ S A3t A A A SHE YYPE 44 dd Y
of i AP TPy, ZFEYUN 358 P4 AR A5 ATAEY 2FRF &
A7 8 ARR YD vastdth. & =74 7199 AE5EE dFdr] 43 EREY
(classifier) 0.2 A48 A&, Yoz & 7R ARE /HAILE & HAFES BojUA
#AY AR E0] 7N E FL EAE A dolHd diME AR R gt Ao ¢
71 A}&l7) 932 (CBR, Case-Based Reasoning)°lth T3 A4 8| ZAH 249 WE MY 5

o] ol HEAAE gotry] fjsled wd BNoy FAHE A e AFHA FAVHE
ofvegt JIFAAT 22 EAQ AFTAF 7IHEHRY HFES v <E > 2 2
FEMAM YA He 45 2N BYEd dstd s Felth

<E 4> NBEM 2y 29

=
MDA-ANN | - SERMMFHY-2AY2 Y
13049 A¢RY PCA-ANN FHRPYNSHA- NP2
RS-ANN PRSP - PAZEY
MDA-CBR  IRHASHR A S SR Y
Apl7|M3E A%EY | PCA-CBR FAPEAUNSAR-AA7 R EAE Y
RS-CBR - ZYPASHR A NFEAZEY

521 ¢¥d =%

8 ¥4 (MDA, Multivariate Discriminant Analysis) 282 Hd24 & AAJ37] oA 13}
Hog dd EAEA(1-way ANOVA)Z AH#HE4 (Correlation Analysis)& &3l 39709 ¥+
FoA 17709 AFE BMoA ALt AT H o 29 B4E AHEStd WEEA S A
A3t 22709 ME FolA By 2y FEo T&o] He MyE AA] Yot ER
4 9] stepwise ¥4 o]-&attt. 2 Ax 7t A (experiment) B2 12~1570¢] M7 FHER
o SYUFE AAHAT



AZYPoIET Ay INEES AYY P08 2y

o
It
ji2al
b

& BAL AFAE YU ALV eE 2E 2y
AAT 2 AARE shte] 2T EF BY
Ehts IF - THEN 349 73L& g geje] gAdA g2 +
¢ f3tch  =EqMs A8 HF32 B FE(Boolean Reasoning)S,
1 el &ok(horizontal & vertical reducing)2 Y8 E &34 dxEdE&e A3
& AA A5 Wstel F4 A A thE 23l v 7Y JEUT How
L3P fAR g EoR BYEES Fopd A gdutyoz M43 RE ¥
olE2 345 ©lolE{(training data)oll thalAe= A9 100% 717He HFES RAFEG ol
FAZ duYFS o] &T A$ vHEHE Dl(crossover) WOl (mutation)E F3 WA
3 & 5)(global optimum)el] 7}74& & FolFe R fAlETn & 4 Qo

71& ATolA B 39709 o] g3 FAe FAS AR g1 BE HFE gHEs
Z A3 AFAZEY By 2 Al u3E dd RS A AT 2 A Hluy 22 4
FES B9F1 e, ol 39709 B} oln J|E AFA 7IdY AE5EE AAHI}E
b froldt 2oz AyE FolojA olzfd A#st veld Aog FAH Yo

]

Moo ko 4y g oo
PNxﬂzOH““’ﬂ
2 £
R
=

<

W 24, FAE 24, H2IY 24 S B AAE A R dY ey AjEE A
7 2Y(Classifier) 22 A143le A% 2¥HE& A
MDA-ANN, PCA-ANN, 181 RS-ANNelgt= Al 744 9] B8] g3} 1 HFES B3}
Rolt}, & Ago] I AEHESF Fiho] 02 2y Akl F3 MeE 47] Aste ¥
AZA g3 3949 BE ¥E W2 AN JAFAET 23 AEeA0
A= NeuroShell 25 AH&-3M9 1 Test set® Calibration interval-8 20022, MAE(Minimum
Average Error)o]l =23 Fof 30,0003]9 oJHIEE FP=F MHA}ATE &Y% (hidden
layer)®] =Z(node) /14E 050, n, 1.5n, 2n(ne Y Z9) = 7lF) A 713 A97 F2
Ag Adsdnt. 28z, AHEYINSE ZEH YPAHE A7 H3 BE dFES 3749
2 5E9 ¥F3HEqual frequency binning)ste] 3ttt
249 stepwise §4& o]85td AAE Al Y] SHPYAFES ATUEY =39
F2 AT Aty o g &4 gy REurE g2 JFES HolAY, HEF3

m clr I ol

i
2
i)

YA 12 ~ 1349 FHROE 34T + Atk

HEYY B4e) BHe 1AM AF H2EQ F-THEN 849 78 449¢ 58 47
dolee) o2 ohjel @A ATHE AYE(reduc)® 2ol(core)2te W4T Faf WED
F949 ¢4 2 AEE Hebg # gt Aolekm B vt AUk o] FAA ol (core) P, BE
e Ereduct)ol ESo} & 7MY 328 90 PE MeEd APz B 979 B
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ElBr}t "ok

B pydAEs HEhy BEAE So) AAE 3o Fold 2Hde HMFES ATNEL
AHAF2 AFE3A. Zoi7t ofd Fold ‘ZF'ste ¥eeta Wil olf e g
o7} He W4t BX 7] dEd 7MY fYEd Bo] XgHE WTFEY ¢2o2 FF
YUE TS YA dECl AT AsE H2 A o &9 2o
Z71g Wit Yelue HF5E £X9 FolE RUA AHFEo| S48 FAsA
F& o449 7o YeltA ¢S bR it A Mg At AV A gl H
2goz M9 Aurt glojA ] o] Ho) 20718 YA REEF A AF A, & 2Y9
HAFES As AAFE Zo FFL HZJF-A7195:2(RS-CBR) 234 439 =
o] A3ty FU Aow Yentth waty AA AP dPWgo] B3 P& HEZIPF -4}
#7193 2(RS-CBR) 289 d#& #=xsd 2 Aot

g - e 7] 95 &(RS-CBR) R840 43E vlmalr] ale §3 A5t 35E=
¥ Z38H(Equal frequency binning) 3t% 32, #32 €4 328F(GA, Genetic Algorithm)& ©] 8314
ZHES} 1&& QAU

3

T

523 AHZjwtE 3% 23

FAET A% 2y 4y Y x4 sdA, <
B2 (Classifier) .2 ¥3 Al 72 W5 A4 714 §848 AF3Ah & 434 244
Z40] g 2y Aukxye A3 WsE UV Hstd WFE AZR ¥ 3909 BE

g g A5E AR A7 E Y s Ag3 48L& KATE 5028 AH8-8ta 1,
At &L 98ko] 10-NN(Nearest Neighbor)E Z43tdth Ala)2) it Yy
F8xd wa 7tFA AolE FoIN 1 ATE PHNE F e AR dEA AT &
AT E dHUSF zoltor BAHOR FF A% WIHE o] Fojd F USE Ho|7)
A3t 7HEA 2AL A e AFAEY 2y vzt E ZE gERsE Y HF
2 559 ¥ 3HEqual frequency binning)3t Atk 71& Aol Al L3 39709 HHFA of
3 AAY BFE AXNA E1, BE USFE JAPUFE AL AlEIZFE 233 AN
Aot o E 39709 WM 71E AFAA 7199 AE5E S e 9% Aoz Yehd
Agolgl 18, B AYJAE v 1 AFE] A YEN

W EA 9 stepwise FAE ol 83t AP A Yo ESYUFES A/ HFE(CBR,
Case-Based Reasoning)9}] YZWF2 AHE3h ol AFHA 71GAE37E BYAA 4
AL AFANAT 28 BF 2y QJHWs A& 98 Agsie A $8F Yol
& 4 gith

FAE-AHINEFE YL HEYY BAS B8 AHE Zof9 Zoldl 2Hste MFES
A7 29 AR ALES Aotk YHUMFY AeE Fx A tE &9 329
g sy F4e guit Jehde HF§ 23X 9 Fol& BUX HFEC] S48 FadAY

FARG B AEES B
9

noJf o

£ > oft ro



Egel B3t AR ES AT /G0 EH7 29
32 A £F 0|4y F7o] Uehyx & w2 ARs gt s W Aerh 2| A
ol 2g oz e ouirt glojx ) Qo] A 20708 BA REE AT REE 3FE

W33} (Equal frequency binning) 3+ 3L, 7382 4121 &(GA, Genetic Algorithm)-& o]&
3o gHES} 738 A

531 432y A3 vja

<Y 3> 9 <E 5>t B A7 ANG 10709 ZEo] ot ZE Y W HFE £EE
YERE Zojth Awizoz @ B4 £ IS BHvtes 748 9d E¥EYE IR
o ¥ A% 7I-H} £F 2¥ (Classifier) & $8¢ 2% =¥ (Hybrid ModeDA X & o ¢

AAE HAFT Yo

Hold—-out Avgerage

70%

65% F - - - - o - e e

60% |

55% |

50% } mmm -

0~~md T ~-T

45% I B -

40%

MDA  Rough ANN MDA- PCA- RS~ CBR MDA~ PCA- RS~

Set ANN ANN ANN CBR CBR CBR
Methods

<3d¥ 3> 107 289 7 T

1]
g
H

E3 Aol A Uehd ANY U5 AHE 84 $1 H20) 397 WSE BT 9 WrR A
29 ATUATANN), A7 83 2(CBR) 289 4FEE 493 & Holth. of

B5 257} 7129 AN 1 FAH fol4ol AR AL MEH wo|zv} Bol X
97 gho} 29 AoZ FAY £ AUk WA BE EHMDA), FAE EHPCAE o143 ¥
G AHe 9 F ool v WEA HFE0] R Ao Vehith Rout By BAd A
A0l B& AL 13 WA FAoA 4R B4 52 5o 348 WP AAE A 52
Tol4E 5 4 Uk AR AZYE BAS B 448 A5 ATAAYH A7)
WEE o= 7| Sl MY $58 ATE 1ol T B8 ALAIHRE ol A 2
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i

< A Atulel 2 FHAAS e YFANBERG A7 o] Hojd 43

Training

Test

Training

57.30%

3 Tast
Training ~ 62.97% 56.65% 63.87% 64.26% - - - -
51.70%
4 Test ~ 59.23% 54.23% 50.77% 64,62% - - - -
Training - N.81% 63.35% §3.87% 63.49% - - - -
59.90%
5 Test - 64.62% 53.62% 50.7r% 53.23% - - - -
Hold-out Avg. 50.16% 56.08% 58.31% 54.23% 56.62% 60.46% 58.38% 58.54% 54.15% £3.86%

532 frel4d A3

2 A Ade 719887 BE e LA AR ES 22 Ao, 49 2
3 AHEE T

BZAA TE S 71 % AFAT AU VI 42 44E woln ek o
A% AZE Aost A FAHCEE Jnr} Ak KB AUNE

McNemar Test® AN (<E6> #2), 1 23} ALY G- A7+ E (RS-CBR) £ ¥
o 49 Ashe Be BYE FAHCLE Aol gk o0 9E Aoz AEAS + AT

<E 6> 28 72t ¥FE Xo|of| cfs McNemarTest

MDA 6.5187++ 25.4032=x#| 6.4844~| 1114720 37.6362=++] 22.2495++=| 23.1889+»* 4.8891 »+|
Rough Set 58.6745%*= 28.8368~++| 40,7351 *== 789174~} 48,8300~~* 54.6918+x 22, 7325w
ANN 10,2037+~ 0.8573 24795 0.0000 0.0084 5.5956++
MDA-ANN 1.8405 18.3381+++| 6.1872++| 7.0678++" 0.0000
PCA-ANN 44795+ D. 8026 09948 1.8340
AS-ANN t.4922 1.2075 12.666ww
CBR 0.0024 4. 9507 *~|
MDA-CBR 5.6915+|
PCA-CBR

F) oen-19% FEONA §9), 0e-5% ST £, +10% FEAA £



Az el 2 A s s A9 VddeHst 2

dutd o2 BF R¥H(Classifier) 2. 249 Al 7|9tF2 L ‘ﬂ 7t F85d g MR A
S 3HA ¥ A8 HiE 2 Qv 4 @ Aoz ded Aok A £ =
oA AR HZAFE A7) 9 FE(RS-CBR) 289 H¢ 2 —1 Eo] HEZZPF-UFA
FRS—ANN) 23 Ht 993 202 gyt & dFdAs F& dFov F71 Wiy
Z3 e ojA EF(Binary Classification)?} obd tH&-F-(Multiple Classification) ®4&} 1
& 5ol F RN JFE FAT Aol doHE Holge /MEE AYEIT o]y
AE AF37] H3 £ 2y F3o AH4E Y 7145 F doldd dis A 270 FE(AL,
A2)0& VY 53022, 281 39 370 §5(A3 B, O UdA 1749 F5(1)L2 o3 ¥
$ate] O AHE 2y d2 vustg <a¥ £+ E'-%‘ FAY H AFE FEE Yehln
At APHoZ FAG £XE Bolx i, McNemar TestlME SAH 2 F9g xjo]7}
UehgA] &gtk <E 7>ollA YEld A} o] o] 7/ dlojEd dsjMe F 2Y ¢ F
AXLR o Aol7t flSS & & Aok wEpA & dFolA AL e ZHF A7
&(RS—-CBR) 232 oj Efute o7 AN 2 4%ol g Hold Aoz Jdd
T Aok

#Oéoﬁi‘{ﬂo?i

N
-

Overall Hit Ratio

80%

85% |
80% }
75% F B RS-ANN2
O RS-CBR2
70% | -

65% [

60%

1 2 3 4
Experiment #

4]

<38 4> ojF & A tiE =2

0gk
N
o
3]

<E 7> 0|X &% ZHo| oist McNemar Test

RS-ANN & RS-CBR
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.3 &

B2 BHe /QA8R e GYelN A INEEY G FeAs AT e
A% AR L A5 o /WO TP Y F84L Fobut Rolk ol T I

fo de 44 e

&3 3
BEAg gAs7] A8 2A A 7HNY AF 23S HdASET AA, 9 2goz N By
M HZAFE BAL o] 43 2¥o|t} o] A% E&(hybrid modeDE32] HFE WS
3 712S AT d8 dARHJUL A, AFANALE E2F ZF(Classifier) 22 3t A 7}
A AR 2yoit}, o] A ZHAE 24 Bl 4, FAE B, HEZIF #4848 A5 dAE
BoZ2 A RYEolt) wxjgo g 9§ A 1A W AN 7PET £F BHOZ A A
7ItEES A myolrt
A3 A, ApF o AHIIHEEY] BF FYo] AFAA Y HEH ¢S 4 5 U
I, AZR FAE B3 AAE gEUFEo] & §A 7N AFE wFEdl v 9
W2 A f840] Holds & & ATk
2 438 B o 22 guiE 2& F Utk AA, V& dFdA 2R R
(Classifie) &2 g AMS-EE AFAZA G A7 38 F 719 ERE stolA 714l &
7t BYE FES A, A7 utEEe] AFA AT viE) -+ A4E JeERAT. gut F
SN AA Yo AHEE AS AFNAT] F o 4% 48 BAAT 54
o3 zpol7t ofd Ao Z Yelth Al#7|fHFE0] £ 4HE Hole dE o
& & JAAT, ALHG7te e 2 F(Multiple Classification) EA 9 3¢ 54
ATE 2Y F USS Hn AEE 59 ¢ & AW F, Y N1GAE
& A0, HDZ o]R BFste AP A5 AFANF LT AL 7| 9FE Afe]
o BAHe= g Az 2ol7l VebA ¢odth £4, 9 F M9 &7 2¥o U3 g3
W A4 7S A4 A9 HELY ENE o848 u o2 7Y Ed v doEHA Rl
3% & BAh ¥ =79 S3o] Alg7|utEE slolA zgge|29 A8 ¥ Wey S 79
He Adg 2 o u7H FAe & £ o
1A ZIAAY 4 AN EAReZ AR, HE2AY £AF vjusly)
F A IYPEL 99 qlo) L E-FZ(open-loop) WS WEE WS}
Aoz HEZF BAo] QLE-FX pAojnz FZ2E-F X (closed-loop) 43t H]
< &4 gux B F JX, AT AE 28 FAuog 559 S F83H
AAEEE §A dngZy gL Fe2c 23 U] A g A £ Je By
W&t & 5 vk EA, Ald7|wEE0] tHEF(Multiple Classification) o4 134l
Aol H& 1 st Holg & ASE o)A £/ dolgd di@ FrF APE FHA B
HHo2 FHIIAAL, gl 24T F glv Al AL addd g o] F584
th. B2 dlo|H 7lyH(data-driven) P E] UF 9 A2 78 Fx AR 2P FAH
JAEHE =o|7] e 2 Ao o F2S A9 vteA] Hujelop & Zojth wEbA

K

g

O 2 oox
o fo M
feu
¥ Hdo Ux

ol
oL
™)
vl
)
2
e

d

“60_



HZAYol 23} AV HEES 28T 1YNEHI =Y

A7 923 EZYY BHojgke Wy Ed dd A 4F o= 7IdNEH e
ok AAZL Al 284 SAA gig o7t a7 E T

2 =AM YeyE FAFES sy, thge FAE 3o AFE AL ot
AR, B =EoA #ek Wy o] AE&HHE ol R o Foly Frt WY &3 2
T YE 49 % ] o A& ARHA ST ATE RAFEA Lopstol T Aojt). o=
o dukald 2y sl AdHol Hike HoA vl F83 AAolTh

A, & :r1°ﬂ*'1 BAFE An7t @A QE-F Z(open-loop) WAlel F3td AJAA] ofHH
%iZ:E—T_’i(closed—loop) Walo) i 253 vuds 93 4%5s

27}tk o] HeiME A M dEAH) FERe-2X Ao We A JE fAA
G EFH v dsfEtop & 74°]‘3]'.

AR, HZAY £ GHo R ZYo & HYE F7} AU A Bol "37]‘“ HEEF
Aed), o] HEd BE 7HE HYE s 1 HFES T‘Z‘ °] oz Z97t Bk £ 4
TAMNE A4 E HHE Z4ZHE JYUFTOR 3t BP S 53 ’é‘ﬁﬁ}*“ Zo| {7 go}
I xR 2 3 (Core)E MY BE Fof AAT d@'tﬂ*’ﬁ A ol F2.3 9n & s}
A3 QAT 7hs st skl EYETL shve] SHE JErT S s E¥E ER

X

o rlo

7 4%E Folue A% vl 9 Aols 4Z4YH A JYES YYAFTOE A§IE
A49¢ AYol #A0 JEA BT AFUATY Aldv|BEE 2L BF 2¥ itz

T AFsE AN2EE TFEe 5 Ao "est

opR o 2 Al 7|wEE e W d hEAE 28 US43t Hold BYE Adse
o] A7 EY. Gt os AFZNEES dHWFY Faxd w2 O MRS AT 2
Feozn Yo HFES FYANL F Ue Aoz A AT, & AFdME dguT
zojrte g 2d AR(E Ueld & YT Bol7] ddta 7HFAE AR Gkt wEhA
3 A7 FES £5F 58S w07l AdA dHUT tFAE FeHer 2 B
g9 7ol Fa3ir},

g1 Ed

[ =

ARG, A 24 A, “BA A5 S e HEFo|E ATAEY FEYHUE F
gAR AT Vol9(4), 1999, pp.23-40.

S o] E, MR, ‘HLYTE 088 EUY AAST WY TE Y A7) 2
7997383l %] Vol.25(3), 2000, pp.125-135.
A%, BAT, AWE, (196). “5AH R AT RYL AR /14U 447} 2 Fo

&g A7 =239 He3 X, Vol.21(1), pp.81-100.
Aamodt, A. and Plaza, E., “Case-based reasoning: Foundational issues, methodological
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<Abstract>

Integrating rough set theory and case—based
reasoning for the corporate credit evaluation

Tae-Hyup Roh, Myung-Hwan Yoo, In-Goo Han

The credit rating is a significant area of financial management which is of major interest
to practitioners, financial and credit analysts. The components of credit rating are identified
and decision models are developed to assess credit rating and the corresponding
creditworthiness of firms as accurately as possible. Although many early studies demonstrate
that one technique outperforms the others for a given data set, there is often no way to tell
a priori which of these techniques will be most effective to solve a specific classification
problem. Recently, a number of studies have demonstrated that a hybrid model integrating
artificial intelligence approaches with other feature selection algorithms can be alternative
methodologies for business classification problems.

In this article, we propose a hybrid approach using rough set theory as an alternative
methodology to select appropriate attributes for case-based reasoning. This model uses rough
set theory to extract knowledge that can guide effective retrievals of useful cases. Our
specific interest lies in the stable combining of both rough set theory and case-based
reasoning in the problem of corporate credit rating. In addition, we summarize backgrounds of
applying integrated model in the field of corporate credit rating with a brief description of
various credit rating methodologies.

Keywords: Corporate Credit Evaluation, Rough Set Theory, Cased-Based Reasoning
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