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(Study of engine oil replacement times estimate method using fuzzy
and neural network algorithm)
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Abstract

If we can forecast the replacement time of engine oil, we extend the life-time of our engine and increase the continued
ratio. But, the replacement times of engine oil is influenced by the following elements: the distance that cars or vehicles
travel, vehicles that run a short range, types of engine oil etc. that run a long distance. In this paper, We forecast engine
oil replacement times by using fuzzy neural network algorithm. This algorithm uses the data of distance covered, color of
engine oil etc. Through a sequence of simulation, the exchange system of intelligence style engine oil decides on the
replacement times of engine oil quite accurately. Therefore, We expect vehicles to become more convenient if the above
algorithm is applied to the present types of cars.

Keywords : fuzzy, neural network, engine oil
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Table 1. Input data for engine oil replacement

times estimate which use neural network.
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Table 5. Fuzzy rule that consider condition of
road.
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Fig. 3. Engine oil replacement time that use
Fuzzy rule.
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