HA ¥ XsAMAHEEE =X 2005, Vol. 15, No. 2, pp. 197-203

AZAUMNZ 0|5 srIeln Arole ZH olAl Hm

(=] [ [ . o L. 1

Emotion Recognition of Korean and Japanese using Facial Images
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Abstract

In this paper, we propose an emotion recognition using facial images to effectively design human interface. Facial
database consists of six basic human emotions including happiness, sadness, anger, surprise, fear and dislike which
have been known as common emotions regardless of nation and culture. Emotion recognition for the facial images is
performed after applying the discrete wavelet. Here, the feature vectors are extracted from the PCA and LDA.
Experimental results show that human emotions such as happiness, sadness, and anger has better performance than
surprise, fear and dislike. Expecially, Japanese shows lower performance for the dislike emotion. Generally, the
recognition rates for Korean have higher values than Japanese cases.

Key Words : Emotion Recognition, Wavelet Transform, PCA, LDA
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