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Abstract

This paper presents online identification algorithm for TSK fuzzy model. The proposed algorithm identify structure of
premise part by using distance, and obtain the parameters of the piecewise linear function consisting consequent part
by using recursive least square. Only input space was considered in Most researches on structure identification, but
input and output space is considered in the proposed algorithm. By doing so, outliers are excluded in clustering
effectively. The existing other algorithm has disadvantage that it is sensitive to noise by using data itself as cluster
centers. The proposed algorithm is non-sensitive to noise not by using data itself as cluster centers. Model can be
obtained through one pass and it is not needed to memorize many data in the proposed algorithm.
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