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Discretization of Continuous Attributes based on
Rough Set Theory and SOM
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Data mining is widely used for turning huge amounts of data into useful information and knowledge in the information

industry in recent years. When analyzing data set with continuous values in order to gain knowledge utilizing data mining,

we often undergo a process called discretization, which divides the attribute’s value into intervals. Such intervals from new

values for the attribute allow to reduce the size of the data set. In addition, discretization based on rough set theory has

the advantage of being easily applied. In this paper, we suggest a discretization algorithm based on Rough Set theory and
SOM(Self-Organizing Map) as a means of extracting valuable information from large data set, which can be employed

even in the case where there lacks of professional knowledge for the field.
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