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Face Recognition Method using Individual Eigenfaces Space
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ABSTRACT

We. present a new face recognition method, which selects eigenfaces by our algorithm instead of the existing eigenfaces
selection method that chooses eigenfaces by the value of corresponding eigenvalues. We justify our method by comparing
our method with traditional one by experiments with YALE, ORL database. By using our algorithm in selecting the
eigenfaces, we obtain higher recognition rate than the existing schemes.
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