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Mining Association Rules in Multidimensional Stream Data

T

Daein Kim"™ - Joon Park™ - Hongki Kim™ - Buhyun Hwang

ABSTRACT

An association rule discovery, a technique to analyze the stored data in databases to discover potential information, has been a popular
topic in stream data system. Most of the previous researches are concerned to single stream data. However, this approach may ignore in
mining to multidimensional stream data. In this paper, we study the techniques discovering the association rules to multidimensional
stream data. And we propose a AR-MS method reflecting the characteristics of stream data since make the summarization information by
one data scan and discovering the association rules for significant rare data that appear infrequently in the database but are highly
associated with specific event. Also, AR-MS method can discover the maximal frequent item of multidimensional stream data by using the
summarization information. Through analysis and experiments, we show that AR-MS method is superior to other previous methods.

Key Words : StreAm Data, Stream Data Mining, Association Rule, Significant Rare Itemsets, Maximal Frequent ltemsets
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Input © €7 A& a4 FE A
Output : o) ¥ = IF

Step L 97l & 2 B2 A 2-0 35 4% 35
Foreach rare itemsets r/ € R do // R& 97 & 34 &5 AY
Foreach rare itemsets r2 € R do
If ( rlitem; = r2.itemy ) then

Add rl to 2-frequent itemsets; /)98 2-F 8 T8 A4S break;
/2 g5 e s Ad
endif
endfch
endfch
Step 2. (k-1)-¥1% FE {3 AHE-5}o] Ao $2 AT 33

// Step 2= Apriori 2 H& k>3
Insert into Candidate itemsets G
select cl.itemy, clitemy, ..., cl.itemg-;, cZ.itemy
from (k-1)-frequent itemsets cl, (k-1)-frequent itemsets ¢2
where rlitem;, = r2itemy, ..., rlitemgs = r2itemy, rlitemg < r2itemy-s
Foreach itemsets ¢ € G do
Foreach (k-1)-frequent item subsets s of ¢ do
If ( s & (k-1)-frequent itemsets ) then
delete ¢ from Go
endif
endfch
endfch
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