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A Study on Diagnostic Model of Cerebrovascular Disease
for Ubiquitous Health Care
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Abstract

According to IT(information technology) industry progress, our life is gradually convenient. The
proliferation of environmental pollution and the threat of diseases proportional to the progress comes
to be high gradually. We must prevent dangerous diseases which threatens the life of the human. Or
we are bumped against irrevocable serious situation. In spite of the situation, managing one’s own
health against modern busy lifestyle is very difficult. Therefore, we need to manage our health
situation by using sensors based on ubiquitous IT environment. In this paper, we propose a diagnostic
model which is able to diagnose and prevent a cerebrovascular disease based on ubiquitous
technology. Also, as a step of implementing the u-health care diagnosis system, the diagnosis model of
cerebrovascular disease plays an important role to decide a clinic result. In the future, by using this
model, we may improve our welfare and health.
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Fig. 1 A data model for system implementation of disease
prevention for Ubiquitous Health care prevention using
data minning
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Table 1. Data model for high blood pressure
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Table 2. Data model for adiposity

Table 3. Data model for hyperlipemia
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Table 4. Data mode! for diabetes
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Table 5. Data model for arteriosclerosis
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Table 6. Data model for smoking
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Table 7. Data model for drinking
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Table 8. Data mode! for eating habits
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Table 9. Data model for momentum
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