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Abstract

In this paper, we proposed the system that supports underachievers realm decision of Korean language curriculum in
the middle school. Learning disability and stagnation should be minimized by using and applying the proposed system.
The input layer of the system contains 36 variables, which can be specific items in the Koran language curriculum.
The variables are encoded with the specific coding schemes. The number of nodes in the hidden layer was determined
through a series of learning stage with best result. We assigned 4 neurons, which correspond to one realm of the
curriculum to output layer respectively. We used the multilayer perceptron and the error backpropagation alggrithm to
develope the system. A total of 2,008 data for training and 380 for testing were used for evaluating the performance.

Key words : Neural Networks, Decision Support, Underachievers, Korean Language, Computational Intelligence.
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Table 7. Confusion matrix of realm decision support

system
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Fig. 5. System accuracy and user accuracy
54 B
B AelMe F9E Fol waagel Yol AT A%
BE ol g Brols] VA GAG ARY 4+ GEE AU
# gl Alzg Agsta of AxdeAE Foims 99
o AYFES gz 98 367H Wk Aot =
9 7188 olgstel Nxde stel Slmd Ht of 9
2 W5 gES Alzge] 94 Fo File usAA
3oy F9 ¥t g5 B Agagon 99
AGE 3 15712 wAS AMgsdth &8 S0 de
wEEe 2} shyEe) Rale) YEE AHEY & UE S
z Agad
U3 HAEES olgd Rrloly ¥ JARE & &
A on o]F o] &3] YHIEE sl =S
% & UARg H9ch A2y Ane 98 Ut A A=
P 7IHE ol &8 48 WA g 367 dHuisE 2



HA % ASAAHESE =2 2006, Vol. 16, No. 1

29t stadlolee HAsuolES BEAY, £ Fo
Y FE A SEdelelg olg HAEE Ad 24 2 I gl
sl 28 39 il +E JAAGE A8l 412 A8

Atk FAABE 98 &S sl 2008719 vjolE S
Agstslen HES B07lel AOlRE ALge 96%eld
o AHES RelFYULh 4% F3hel olohd FAwkE 9
& AZge SguclHE ol 8@ AW At ANl o
Pl Uskort ol AAsHe @4elet & & itk
B A Azd 4SS A7) Ho}@l
A Az e AR AZRS §FY 1 3L

#}2 7hAe ol 2yEt,

o] &2 (Lim, Chang Gyoon)
19979 . Wayne State University,
AFETEY £, U}
1997~ @A : st
AFEFee, Rus

N

ru\ru

zﬁiiﬂ&J

T ol A

2l Ho = AZES o]
] J

b
0
=5

_V'.LO‘
oboﬁ

Phone  : 061-659-3254
Fax 1 061-659-3250
E-mail : cglim@yosu.ac.kr

Sl

I R
-, 1994.
HAolel] Wi AF, ME,

S
=
P
ojt
oK
];;l) Ho 1
1: rR

E%’E(Kim Kang Chul)
1996 @ ZAduign Ax-gsta),  dhal

19971 ~ *?‘LZH olrtistal e F e,
By
K B Rk 1 VLSI B QI mA Ak A
[¢]
20} b .
[6] Ml_j:, SErddel AR 54, A8 FITE  prone 061-a59-325
7, 1979, Fax  :061-659-3250

[7]1 . Rosenblatt, Principles of neurodynamics: percep— E-mail : kkc@yosuackr
tron and the theory of brain mechanisms. Spartan,
New York, 1962.

[8] M. Minsky and S. Papert, Perceptrons, MIT Press,
Cambridge, MA, 1969.

(91 R. O. Duda, P. E. Hart, and D. G. Strok, Pattern
Classification, New York, Wiley, 2001.

[10] S. Shigetoshi, F. Toshio, and S. Takanori, A
Neural Network Architecture for Incremental
Learning, Neorocomputing, 9, pp.111-130, 1995. e .

[11) J. S. Jang, C. T. Sun and E. Mizutani, Neurofuzzy ¢
and Soft Computing, USA, Prentice Hall, 1997. -

[12] N. Baba, A New Approach for Finding the Global Phone  : 061-659-3252
Minimum of Error Function for Neural Networks, g, : 061-659-3250
Neural Networks, 2, pp. 367-373, 1989. E-mail : jhy@yosu.ackr

[13] P. E. Gill, W. Murray and M. H. Wright, Practical
Optimization. London: Academic Press, 1981.

[14] T. Kavzoflu, An Investigation of the design and ®=3HJhung, Jung-Ha)
use of feedforward artificial neural networks in  on051 - fuEm B EY, AA

F A &(Yoo, Jae Hung)
1993 : Wayne State Umversﬁy,
2] /\]-31—31_} 1:1]—/\].

1994@ ~ A ¢ o eofstn e ek,

the classification of remotely sensed images, 19978~ &7 : ez nEEn Al
School of Geography, University of Nottingham,
2001. BYRE 1 AR w8, WA o8 AR, fALuLE

E-mail : lastbabol02]1@naver.com

36



