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Abstract

Continuous, discrete and semi- continuous HMM

systems are used for the speech

recognition. Discrete systems have the advantage of low run—time computation. However,
vector quantization reduces accuracy and this can lead to poor performance. Continuous

systems let us get good correctness but they need much calculation so that occasionally

they are unable to be used for practice.

Although there are semi-continuous systems

which apply advantage of continuous and discrete systems, they also require much

computation. In this paper, we proposed

the way which reduces calculation for

continuous systems. The proposed method has the same computational load as discrete
systems but can give better recognition accuracy than discrete systems.
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