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Abstract

Palmprint-based personal identification system, as a new member in the biometrics system family, has become an active
research topic in recent years. Although lots of methods have been made, how to represent palmprint for effective
classification is still an open problem and conducting researches. In this paper, the palmprint classification and recognition
method based on PCA (Principal Components Analysis) using the dimension reduction of singular vector is proposed. And
the 135dpi palmprint image which is obtained by the palmprint acquisition device is used for the effectual palmprint
recognition system. The proposed system is consists of the palmprint acquisition device, DB generation algorithm and the
palmprint recognition algorithm. The palmprint recognition step is limited 2 times. As a results, GAR and FAR are 985%
and 0.036%.

Keywords : Palmprint, Principal Components Analysis, Dimension Reduction, Identification, Eigen Vector
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Palmprint acquisition system.
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FAR[%]| 002 | 003 | 004 | 005
GAR[%]| 977 | 978 | 980 | R2
FAR[%] | 0.038 | 0049 | 0.055 | 0.087
GARI[%¢]| 981 981 984 | 989
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Table 2. The FAR and GAR performances of the first
identification.

N FAR GAR

Critical vauel % |\ o tog| % | a-s,/60004
162x 10" | 45 0043 | 13 9.0
163x 10* | 54 0.052 11 %6
164x 10* | 61 0.059 9 97.2

1.65x 10* | 107 0.103 6 9.1
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Table 3. The FAR and GAR performances of the second

identification.
B FAR GAR
Critical Valuel Yo (v /119 2 (1-8,/6,)1%)
162X 10* | 45 0.031 6 981
163x 10* | 54 0033 |° 6 98.1
164x 10* | 61 0.036 5 985
166X 10* | 107 | 0052 4 9838
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Table 4. FAR and GAR of proposed algorithm and [1,
21,

GAR[%] | 980
GAR[%]| 981

f1 FAR[%] | 0.040
(2 FAR[%] | 0038
Proposed
Algorithm

FAR[%] | 0036 |GAR[%]}| 985
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