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Vehicle License Plate Recognition System Using the Cautious Classifier and
the Weighted Instance Method
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Abstract

Vehicle License Plate Recognition System reads information from vehicles license plate using image detection devices. Of
many applications provided by Vehicle License Plate Recognition System, some, such as speed enforcing system, can be prob-
lematic when the system incorrectly scans letters or numbers from a vehicle's license plate. Using Cautious Classifier avoids
such problems by discarding the scanned information when the confidence level is doubted to be low. This study develops the
License Plate Recognition System using Cautious Classifier and investigates effectiveness of applying the Weighted Instance

Method to improve the performance of Cautious Classifier.

Keywords : vehicle license plate recognition system, vehicle image, confidence level, cautious classifier, weighted

instance method
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