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Abstract

In this paper, we developed a novel system for automatic detection of mass type breast cancer on dense digital
mammogram images. The new approaches presented in this paper are as follows: 1) we presented a method that stably
decides the mass center and radius without being affected by image signal irregularity. 2) We developed a radial
directional filter that is suitable to process mass image signal. 3) And we developed the multiple feature function based on
mass shape spiculation, mass center homogeneity, and mass eccentricity, o as to determine mass-type breast cancer.
When the proposed system is applied to dense mammographic images, the true alarm rate is improved by 10%6 over a
conventional system while the false alarm is increased by 1 per image.

Keywords : Mammogram, Mass, f+¢, 4Als g

(gradient)& ©] &3

Tt Y, "t A3, A3dsta AxFEd Brake“'= Karseemeijers] <anEgds  WHAAA,
(Departments of Electronics Engineering, multi-scale scheme2 2 A%5-& &4 A7 Huang
71271E o] &3t Wiy ozl el A& A

o
o], (KHU-20030963) £ F715td masse] 2¥ 2 HHE x4 &4

o

Kyung Hee University)

of d7E 2003dx AUy A o3 A

YAb: 200693€4Y, FALRY: 2006838416

(32D



2006 93 TAIZEts =X M 43U SCH A5 S 81
B2 34 452 AR GiSof £ ez

Mass3
Qud

4%

‘-El

oxg
‘Mass? BY FE

* Hamogeneity

38 1. MassE Fater A& A|AEHS A 7=&
Fig. 1. Overview of mass-type breast cancer detection
system.
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The mass detected mass centers. We magnify
the center to denote them apparently.
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