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Applying Distributed Agents to Parallel Genetic
Algorithm on Dynamic Network Environments
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Abstract

Distributed Systems can be defined as set of computing resources connected by
computer network. One of the most significant techniques in optimization problem domains
is parallel genetic algorithms, which are based on distributed systems. Since the status of
dynamic network environments such as Internet and mobile computing. can be changed
continually, it must not be efficient on the dynamic environments to solve an optimization
problem using previous parallel genetic algorithms themselves. In this paper, we propose
the effective technique, in which the parallel genetic algorithm can be used efficiently on

the dynamic network environments.

» Keyword : &4 AIAB(Distributed System), &4 olo|ME A|AEI(Distributed Agent Systermn),
g2 FHAL 4a21E(Parallel Genetic Algorithm)
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WA e, @3, B¥e] 2e xRS WE Sgdct o
714 Zzte] wkEe Aol(Generation)E 2uldith o] &
REFL R QAR AN A9 HE Ik o
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Fig 1. System Architecture
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Fig 2. Parallel Genetic Algorithm

42 AL (Encoding)

Aol KAz GarglEo| olFstzE EAE FHske
Aoz, o)A A7 (Binary Encoding) & AMSg)
I 38 3 4 HoEt)

Ni:Nodei, Fi:Filei, {0,1}: §3%

NO NI N2 N3 NO NI N2 N3 N0 N1 N2 N3 NG NI N2 N3

oobDooooonononog

N N N

FO Fl F3

O3l 3. ofplelel olmd =
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Fig 7. Dynamic Adaptation (Home Node)
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