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Abstract

Considering Customer Buying Sequences to Enhance the
Quality of Collaborative Filtering

Yeong-Bin Cho - Yoon-Ho Cho™

The preferences of customers change over time. However, existing collaborative filtering
(CF) systems are static, since they only incorporate information regarding whether a customer
buys a product during a certain period and do not make use of the purchase sequences of
customers. Therefore, the quality of the recommendations of the typical CF could be improved
through the use of information on such sequences.

In this study, we propose a new methodology for enhancing the quality of CF recommen-
dation that uses customer purchase sequences. The proposed methodology is applied to a large
department store in Korea and compared to existing CF techniques. Various experiments using
real-world data demonstrate that the proposed methodology provides higher quality recom-
mendations than do typical CF techniques with better performance.

Key words : Recommender systems, Purchase sequence, Collaborative Filtering, SOM, Association
Rules
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