HA A X SAIAHES] =&X| 2007, Vol. 17, No. 7, pp. 855-861

NS EH f/AFH

fufo

et Mg HA IMM €12 &

Adaptive Fuzzy IMM Algorithm for Position Tracking
of Maneuvering Target
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Abstract

In real system application, the IMM-based positiion tracking algorithm requires robust performance, less computing
resources and easy design procedure with respect to the uncertain target maneuvering, To solve these problems, an
adaptive fuzzy interacting multiple model (AFIMM) algorithm, which is based on the well-defined basis sub-models
and well-adjusted mode transition probabilities (MTPs), is proposed. Simulation results show that the proposed
algorithm effectively solves the problems in the real system application of the IMM-based position tracking algorithm.
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