Journal of Digital Contents Society Vol. 8 No. 4 Dec. 2007(pp. 521-529)

FE4d AFPE 7vteE = I

A

M
ogh
o

d OAd g0 3

| o

B oERAAE A A e L4 AFOE FHNFE 20 FH A2 AW B =
ol AlSHE U A2YE 7t gof Alole] fARE DdZe AASE ad S EH o
P g g GAH A YT WHPOR WME FVEL G £ dov, EF A 4
Aol JPW oheh Azl we e BAA 4Pl BE FHE FeHEs AAHAG 24 A
ME Auiz FEHA0Y SPE AN FoldEst P T2ES get FAGES FEH
o 7R 22 Aush AA A8 SO GERE YolHE o] getel 24 HE AEE TE
for, 49 Botel F1 Ane] FUEE A

Personalized Digital Music Recommendation Based on
the Collaborative Filtering

untae Kim*, Hyungil Kim**
yung

Abstract

In this paper, we introduce a music recommendation system that automatically recommends music
according to users’ musical tastes. The recommendation system uses a graph-based collaborating

filtering in which similarities between musics are saved as a graph, and so it can perform fast

recommendation based on the implicit preference information. It also has capability of recommending

music according to users’ dynamically changing preferences as well as users’ static preferences. The

recommendation server is implemented as an independent server using Java, and communicates with

clients according to a specified protocol. A demo web site has been built by using the server and
music download data from actual users, and the accuracy of recommendation has been measured

through experiments.
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