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Speech/Music Discrimination Using Spectrum Analysis
and Neural Network
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In this research. we propose an cfficlent Speech/Music discrimination method that uses spectrum analysis
and neural network. The proposed method oxtracts the duration feature parameter (MSDF) from a spectral
peak track by analyzing the spectrum. and . was used as a featwre for Speech/Music  discriminator
combined with the MFSC. The ncural network was uscd as a Speech/Music discriminator. and we have
performed various experiments to evaluate the proposed method according to the training pattern selection,
size and neural network architecturc. From the results of Specch/Music discrimination, we found
performance improverment and stability according to the training pattern selection and model composition in
comparison to previous method. The MSDF and MESC are used as a feature parameter which is over 50
seconds of Lraining pattern, a discrimination rate of 94.97% for speech and 92.38% for music. Finally, we
have achicved performance improvement 1.25% for specch and 1.69% for music compares to the use of
MFSC.

Key words: Speech/Music discrimination, Spectrum analysis, Spectral peak track, Speaker indexing
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Fig. 1. Spectral peak tracks for Speech and Music (a) Speech,
(b) Music.
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