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Association Rule Mining
by Environmental Data Fusion
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Abstract

Data fusion is the process of combining multiple data in order to
produce information of tactical value to the user. Data fusion is generally
defined as the use of techniques that combine data from multiple sources
and gather that information in order to achieve inferences. Data fusion is
also called data combination or data matching. Data fusion is divided in
five branch types which are exact matching, judgemental matching,
probability matching, statistical matching, and data linking.

In this paper, we develop sas macro program for statistical matching
which 1s one of five branch types for data fusion. And then we apply
data fusion and association rule techniques to environmental data.

Keywords : Asociation Rule, Data Fusioin, SAS Macro, Statistical
Matching
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/# data loading */

data data_l1; set data.data_2001; run;

data data_2; set data.data_2002; run;

/* macro for continuos matching variable(continuous common variable) */
%macro ContinuosFusion_stepl;

/* macro for categorical common variable */

%macro ContinuousFusion_step2;

/* macro for continuous common variable(no use in regression) */
%macro ContinuousFusion_step3;

/* macro for fusion of Continuous variable */

%macro ContinuousFusion_step4,
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