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This paper presents a new approach to noise estimation to improve speech enhancement in non-stationary
noisy environments. The proposed method combines the two separate noise power estimates provided by
the minimum statistics (MS) for speech presence and soft decision (SD) for speech absence in accordance
with SAP (Speech Absence Probability) on a separate frequency bin. The performance of the proposed
algorithm is evaluated by the subjective test under various noise environments and yields better results
compared with the conventional MS or SD-based schemes.
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Fig 1. Power contours of the clean and enhanced speech signal
in speech periods.
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