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Abstract In this paper, we use Support Vector Machine to predict the susceptibility of chronic
hepatitis from single nucleotide polymorphism data. Our data set consists of SNP data for 328 patients
based on 28 SNPs and patients classes(chronic hepatitis, healthy). We use leave-one-out cross
validation method for estimation of the accuracy. The experimental results show that SVM with SNP
is capable of classifying the SNP data successfully for chronic hepatitis susceptibility with accuracy
value of 67.1%. The accuracy of all SNPs with health related feature(sex, age) is improved more than
79%(accuracy 74.9%). This result shows that the accuracy of predicting susceptibility can be improved
with health related features. With more SNPs and other health related features, SVM prediction of
SNP data is a potential tool for chronic hepatitis susceptibility.
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