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The Design Of Microarray Classification System Using Combination Of Significant Gene
Selection Method Based On Normalization.

Su-Young Park*, Chai-Yeoung Jung**
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ABSTRACT

Significant genes are defined as genes in which the expression level characterizes a specific experimental condition. Such genes in which
the expression levels differ significantly between different groups are highly informative relevant to the studied phenomenon.

In this paper, first the system can detect informative genes by similarity scale combination method being proposed in this paper after
normalizing data with methods that are the most widely used among several normalization methods proposed the while. And it compare and
analyze a performance of each of normalization methods with multi-perceptron meural network layer. The Result classifying in
Multi-Perceptron neural network classifier for selected 200 genes using combination of PC(Pearson correlation coefficient) and ED(Euclidean
distance coefficient) after Lowess normalization represented the improved classification performance of 98.84%.
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table 1. classification performance according to using

a single scale
(%) PC ED sC
Raw 74.19 68.00 67.74
Global 83.87 80.65 79.41
Lowess 88.24 85.29 8235

Lowess £53} & vol& A §
Abgste] A EEE YT F ALY @
HEE 7]dte] B J7718 B &
88.24%% EF AT EZT RATh 2
Tt ARl A2 g AMEE S A9 85.29
& BHgon ~3

e
il

o pu
B oofr W o 5 o

,,
<% o
Lo g
SboHe fu e o
bt 11 Ly
i

o

i
i
o
)
)
2
B
et
il o o
> =
o
Ho &
ox MU iy oW

Global E::E} $ 71E9
Az BEE2L AT 5 485 A
EES T A AR g8 AR 25 QA g
A AL W BE 2 v"_‘—ver B

Raw HoJE{o]] tfair= &
EbSiTh

ae 53 & oj 2|3 viE e B HAY A RS
Z3 Yo 93 2SI B A Ho) = FAHA
B2 A48 5 A8 S 538 81 @8 dlo|

B 2o BRI 249 2R 45E dehig
Raw vho] 20l o] dlo|e] sk 25} ¢ ool A2 ofe|
o eletol hoh /129 A8 H=F RUA 118

@427 49 9 3 5 NE 2859 299 2
S, BUE EF A5e 528 21

X204 Hz x=gof o2 ER 85
table 2. classification performance according to
combination of 2-scale

(%) PC-ED ED-SC ED-SC
Raw 94.12 91.18 85.29
Global 95.12 94.27 91.34
Lowess 98.84 95.29 97.44
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