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Abstract : For recipe prediction of colorant proportion showing nonlinear behavior, we
modeled the effects of colorant proportion of basic colors on the target colors and predicted
colorant proportion necessary for making target colors. First, colorant proportion of basic
colors and color information indicated by the instrument was applied by a linear model and a
multi-layer perceptrons model with back-propagation learning method. However, satisfactory
results were not obtained because of nonlinear property of colors. Thus, in this study the
neuro—-fuzzy model with merit of artificial neural networks and fuzzy systems was presented.
The proposed model was trained with test data and colorant proportion was predicted. The
effectiveness of the proposed model was verified by evaluation of color difference(AE).
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Fig. 1. Color matching functions.
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Fig. 2. Color paint manufacturing process.
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Fig. 7. Fuzzy rules description.
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Fig. 9. Convergence of the learning.
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model.
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