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EE  nEI7) NARAE AAE NARAE AAR
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400 7687 0655 7805 0662
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F(z) = -3 + 5sin(rz122) — 5 ( —~ % +0.3z4 + 0.3z5 (3.2)

He 470e) AHAFEL 77 (0,1)0N TALLE gaw, 059 REE 04
TIRERA Fh5E ghe {12 3}01@ AR AgolE Weuse) BHol g
ABESE 23 £ 28 TAse], BAS A9 AuolE 9 574} Auus
o W-g4s} ok Telo] gl 5/Y ABWSE 2otk /1M WeE
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g 5 Aok (95% AT Helves Ao ulgo] ZHzh 0.420, 0.145 °Jt})
T AR AEAEE A¥Ao) WEHE ABEA {(y;, 21, 2i2, Tidy - - -, Tir0), § =
yoo, 200}, 2 = sin(mzin, Ti2), zio = (z43 — 1/2)%0]th. o] k7o) gt AFAR
ga1doe] 18 3.5 (b)2k 1Y 3.6 (b)olth. AR o] AEQ AL 95% A= F
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Ax & 5 it
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olFdE FAE 4 Ak (WAFEA AL 0.2117, 0.31972 Z+z} 0.1941, 0.29702.
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200 3769 0725

(.0067)  (.0038)

. 4707 0641
- (.0053)  (.0027)

800 5519 0597

(.0038)  (.0018)

200 2117 0907

(0197)  (.0128)

oqgpmg 40 3197 0778
(.0173)  (.0085)

800 3984 0637

(.0131)  (.0075)
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2o BE4E ROARE ol8T AYE Bdl ARuYTh AIAE DL
Hz $PoRA Ego] Aok A ¢ 4 g0y dsol ¢ BAE k. @
AR A 2ot & BAS AFASo] A, TVAAYRFNN g(u) = Fla)S
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e AelFe BAZ Fo31) (29 2o AP AERLE (test data)E o]
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A Graphical Method of Checking the Adequacy of
Linear Systematic Component in

Generalized Linear Models!
Ji-Hyun KimY

Abstract

A graphical method of checking the adequacy of a generalized linear
model is proposed. The graph helps to assess the assumption that the link
function of mean can be expressed as a linear combination of explanatory
variables in the generalized linear model. For the graph the boosting tech-
nique is applied to estimate nonparametrically the relationship between the
link function of the mean and the explanatory variables, though any other
nonparametric regression methods can be applied. Through simulation stud-
ies with normal and binary data, the effectiveness of the graph is demon-
strated. And we list some limitations and technical details of the graph.

Keywords: Boosting; nonparametric regression; bootstrap confidence intervals.
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