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Abstract

The telematics data management deals with queries on stream data ccming from moving cars.
So the stream DBMS should process the large amount of data stream in real-time. In this article,
previous research projects are analyzed in the aspects of query processing. And a hybrid model is
introduced where query preprocessor is used to process all types of queries in one singe system.
Decreasing cost and rapidly increasing performance of devices may guarantee the utmost
parallelism of the hybrid system. As a result, various types of stream DBMS queries could be
processed in a uniform and efficient way in a single system.
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2.1 Cougar Device DBMS
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Table 1. Queries, Approaches and Characteristics of Cougar Device DBMS, NiagaraCQ and Aurora Systemi 4
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