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Global Soft Decision Using Probabilistic Outputs of
Support Vector Machine for Speech Enhancement

AT L -
{Q—Haing Jo*, Joon—Hyuk Chang*)
*OIB{CH S FAPHI| o

&l
o

(H4UXE 20073 129 20Y; HHUXE 20084 1Y 16Y)

B =0l A= support vector machine (SVM) 2]8H9] global soft decison (GSD)S o281 A2 9- &A1 SF4F 7|2 A A3t
o, UA O R soft decision (SD) 05 A W A8 A 2ol 27|68 -4 FFAF 7|H0] hard decisionS 0] &
B 71N Hoh St A5 nol dog add gy 88, 4 Tyl el fA] Sallel cfdh Aol Axel
AL EA YAE s (global spesch absence prohability, GSAPS D) 7|8ke) &A1 GRAF /']'-"]01] 225} alg] ol A8
U 8 oML sigmoid §40F o1§atol €014 svMe) 8F Eeol oleh 204 AR GSAPS 24 1ol
A83hck, AL Fare)Eo) 452 thekgh 3HE Shof Agalo] PESR E MOS B7t P vl o /)20 GSD 7)o
AHET SR V1 umste] BFE ARS el ol

#i)go): 24 akAF Support vector machine, Global soft decision
Fagok S48 Hof (2.3)

3 o

In this paper, we propose a novel speech enhancement technique using global soft decision (GSTY based on the probabilistic
outputs of support vector machine (SVM). Generally, speech cnhancement algorithms applied soft decision gain
modification and noise power estimation have better porformance than those eraploying hard decision, Especially, glohal
speech absence probability (GSALY), which is known as an effeclive mwasure of the speech absence in each frame, has
been adopted to ST-based speech enhancement methods, For this reason, we introduce a new GSALR estimated from the
prohabilistic output of SVM using signoid function, The performance of the proposed agorithm is evaluated by the PESQ
and MOS test under various hoise environments and yields betier resulls compared with the conventional GST) scheme,
Keywords. Speech enhancement, Support vector machine, Global soft decision
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