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3D Reconstruction of Tissue from a few of MRI Images using Radial Basis Function
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ABSTRACT

Recent the advanced technologies in medical imaging such as magnetic resonance imaging (MR1) and computed tomography (CT) make
doctors improve the diagnostic skill with detailed anatomical information. In general, it is necessary to get a number of MRI images in order
to obtain more detail information. However, the performance of MRI machines of privately run hospitals is not good and thus we may obtain
only a few of MRI images. If 3D surface reconstruction is accomplished with a few slices, then it generates 3D surface of poor quality. This
paper propose a way to get a 3D surface of high quality from a few of number of slices. First of all, our algorithm detects the boundary of
tissues which we want to reconstruct as a 3D object and find out the set of vertices on the boundary. And then we generate a 3D implicit
surface to interpolate the boundary points by using radial basis function. Lastly, we render the 3D implicit surface by using Marching cube
algorithms.
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Fig. 1. (a) Original Image, (b) Result Image
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Fig. 3. Contour tracing algorithm process
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Fig. 2. Contour tracing progress direction
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(b} Contour tracing algorithm result image
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