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A study of intelligent system to improve the accuracy of pattern recognition

Sung-boo Chung*, Joo-woong Kim**
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ABSTRACT

In this paper, we propose a intelligent system to improve the accuracy of pattern recognition. The proposed intelligent system consist in
SOFM, LVQ and FCM algorithm.

We are confirmed the effectiveness of the proposed intelligent system through the several experiments that classify Fisher’s Iris data and
face image data that offered by ORL of Cambridge Univ. and EMG data.

As the results of experiments, the proposed intelligent system has better accuracy of pattern recognition than general LVQ.
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Fig. 1 A block diagram of training process of the
proposed intelligent systemn
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Table. 1 A classifying result for training Iris data
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Table. 2 A classifying result for testing Iris data
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