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A Study on the Speech Recognition for Commands of
Ticketing Machine using CHMM
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Abstract This paper implemented a Speech Recognition System in order to recognize Commands of Ticketing
Machine (314 station-names) at real-time using Continuous Hidden Markov Model. Used 39 MFCC at feature vectors
and For the improvement of recognition rate composed 895 tied-state triphone models. System performance evaluation
result of the multi-speaker-dependent recognition rate and the multi-speaker-independent recognition rate is 99.24% and
98.02% respectively. In the noisy environment the recognition rate is 93.91%.
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Fig. 1. Speech Recognition of statistical method

2.2 HMM(Hidden Markov Model)
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Fig. 2. Schematic diagram of feature extraction from voice
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Fig. 3. Speech Recognition of phoneme base
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Fig. 4. Control process for commands of Ticketing Machine
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Fig. 5. Schematic diagram and User Interface Screen
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1) AHE PC: Pentium 200PC & Notebook LG Xnote
E200, 2) Microphone: Sony ECM-221 Condenser Micro-
phone & Xnote E200 W&+ nto] =, 3) Sampling Rate : 8000
Hz & <F213} &4 : 16 bit
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Table 2. Recognized Result of Speeker dependent/independent
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gAl 99.54 98.12 98.83
oA 98.94 97.92 98.43
Average 99.24 98.02 98.63
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