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An Effective Reduction of Association Rules
using a T-Algorithm
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Abstract

An association rule mining has been studied to find hidden data pattern in data mining. A realization of fast
processing method have became a big issue because it treated a great number of transactjon data. The time which is
derived by association rule finding method geometrically increase according to a number of item included data.
Accordingly, the process to reduce the number of rules is necessarily needed.

We propose the T-algorithm that is efficient rule reduction algorithm. The T-algorithm can reduce effectively the
mimber of association rules. Because that the T-algorithm compares transaction data item with binary format. And

improves a support and a confidence between items. The performance of the proposed T-algorithm is evaluated from
a simulation.

Key Words @ Data mining, Association Rule, Rule reduction, Apriori algorithm
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Table 5. If f; =1, Reduction process
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