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Abstract 1t is a challenging work for service operators to accurately classify different services,
which runs on various wireless networks based upon numerous platforms. This works focuses on
design and implementation of a classifier, which accurately classifies applications, which are captured
from WiBro Network. Notion of session is introduced for the classifier, instead of commonly used Flow
to develop a classifier. Based on session information of given traffic, two classification algorithms are
presented, Classification and Regression Tree and Support Vector Machine. Both algorithms are
capable of classifying accurately and effectively with misclassification rate of 0.85%, and 0.94%,
respectively. This work shows that classifier using CART provides ease of interpreting the result and
implementation.

Key words : Traffic Classification, CART, SVM, Internct Services Classification
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3t 2 Scenarios of Services

D Services Description

S1 Download XTOC, NetFolder

S2 Game Koongpa, Maple Story

S3 Upload Mail Upload, NetFolder

S4 VoD Daum UCC, YouTube, FM Radio
SH VoIP SkyPe, Nateon

S6 Web Naver, Daum, Empas
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