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Performance Comparison of the Speech Enhancement Methods for Noisy Speech Recognition
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ABSTRACT

Speech enhancement methods can be generally classified into a few categories and they have been usually compared with
each other in terms of speech quality. For the successful use of speech enhancement methods in speech recognition systems,
performance comparisons in terms of speech recognition accuracy are necessary. In this paper, we compared the speech
recognition performance of some of the representative speech enhancement algorithms which are popularly cited in the literature
and used widely. We also compared the performance of speech enhancement methods with other noise robust speech
recognition methods like PMC to verify the usefulness of speech enhancement approaches in noise robust speech recognition

systems.
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Figure 1. Block diagram of the linear optimal filter
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Table 2. Performance comparison between the speech enhancement
method and the model parameter compensation method.
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