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Independent Component Analysis Applied on Odor Sensing Measurement Data for
Multimedia Communication
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ABSTRACT

Odor sensing system that is electronic nose device and its signal processing technique has potential to become a critical service for the
people who require tangibility of sense of smell in the multimedia communication. PCA(Principal Component Analysis) have been used for
dimensionality reduction and visualization of multivariate measurement data. PCA is good for estimating importance value by variance of data
but, have some limitation for getting meaningful representation from odor sensing system. This paper explain about how to analyze the data of
odor sensing system by ICA(Independent Component Analysis). We show that ICA can give better result like sensor drift analysis,
dimensionality reduction and data representation by improved discrimination.
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