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Enhanced FCM-based Hybrid Network for Pattern Classification
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ABSTRACT

Clustering results based on the FCM algorithm sometimes produces undesirable clustering result through data distribution in the clustered
space because data is classified by comparison with membership degree which is calculated by the Euclidean distance between input vectors
and clusters. Symmetrical measurement of clusters and fuzzy theory are applied to the classification to tackle this problem. The enhanced
FCM algorithm has a low impact with the variation of changing distance about each cluster, middle of cluster and cluster formation. Improved
hybrid network of applying FCM algorithm is proposed to classify pattems effectively. The proposed enhanced FCM algorithm is applied to
the learning structure between input and middle layers, and normalized delta learning rule is applied in learning stage between middle and
output layers in the hybrid network.

The proposed algorithms compared with FCM-based RBF network using Max_Min neural network, FMC-based RBF network and
HCM-based RBF network to evaluate learning and recognition performances in the two-dimensional coordinated data.
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