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Abstract

This paper addresses a method of estimating roughly the human pose by comparing Haar-wavelet value which is
learned in face detection technology using AdaBoost algorithm. We also presents its application to face recognition.
The learned weak classifier is used to a Haar-wavelet robust to each pose’s feature by comparing the coefficients
during the process of face detection. The Mahalanobis distance is used to measure the matching degree in
Haar-wavelet selection. When a facial image is detected using the selected Haar-wavelet, the pose is estimated. The
proposed pose estimation can be used to improve face recognition speed. Experiments are conducted to evaluate the
performance of the proposed method for pose estimation.
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Fig. 1. Calculation of image sum using integral image
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Fig. 4. Weak classifier selection process
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