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(ADO)ol 719e Sa ot mak ADCsl Al AW 2 R dugEES (2818 EHE
MIREX®] 37} W& Text Retrieval Conference  ThFeF FaEdlES Fas] visith F 2370
(TREC)E 7|ukoz aka giop, o A2 o2 task7t 58 oA, taskell w

MIREX 37}3]9] sliet A= task$t 7} v Zrj= olg) 719 subtaskE ] E SHSITE
W ARUE wddy gAES} 917] SRl
http://music—ir.org/mirexwiki® £33 ES

(H 1) MIREX ZIl5lof 2Gist H2|E &+
ARX AR upd Zo] d" A% taskE

] ] TASK - |20052008
Ha] 8 molo} A4, ARUE o A7 R (BN
:]_S E% 7_11;(]-9/] 3";}'/};1 lﬁro % %17ij' o Jj_‘_t’g’fﬂ- Audio Artist Identification 7
Audio Classical Composer 7 1
7 At} $4 HoPH task leader= S17] Ello]  dentiication
AE sk, B Q= A JESL o3 Audio Beat Tracking 5 20*
= - Audio Cover So
HAE dlole] 57 HPRE, B/, AE S enttication 8|88 |6
vElFel =y Ea B} 015044 taske] + Audio Chord Detection 15* | 18*
A3 T2 =25} gt o] W, 73] AEE A Audio Drum Detection 8
oI5} Syrg)se) &7} 3714 o|Ato] B task Audio Genre Classification 15 7 | 26* | 64"
£ MIREX9] Bd% 2] task® QIgubA] @ Audio Key Finding !
o el b 7-89 Alo]o) IMIRSELSIA Audio Melody Extraction 10 | 10" 7|12
~ B o Audio Music Mood
A FHE A= [SMIR 8] 274¢] 8-9 Classification 9 | 1|33
ol MIREX $17]¢] 3719tk ISMIR 8k8) 7]zF  £udio Music Similarity and 6 | 1 15
Stelli= MIREX ¥AE Aol deli, MIREX  Audio Onset Detection 9 | 13|17 1?2
@y}oﬂ qﬁﬂ' %7}ﬂ' 5‘]’\’3—]1:— EﬂiE 74]:2 g 2-_ %59] Audio Tempo Extraction 13 7
3}7] $181A plenary meeting B3t i ER2) = Audio Tag Classification 1 | 30#
B 71149 [[ARA = HEE] AZE Multiple Fundamental
1349) TeM= 200540781 A= Frequency Estimation & o7* | 28* | 26#
MIREX %7}8)¢) 71% % 2 714 #opg ©]  Tracking i
31;_75,‘?_] ?:_L_T’_ % %_% RQ}%H w HVE}OﬂH % Music Structure Segmentation 5
’ ~ Real—time Audio to Score
o AN Jge) F2 SEAT AL F, Agmen (aka wee 4
ollowing
ZFo]| A 29 diy B
Ve des st do. Score Following 2
Symbolic Genre Classification| 5
Symbolic Key Finding 5
Il. j|$ 'E'Ol‘% MIREX lgj} gi_u. Symbolic Melodic Similarity | 7 | 184 | 8
Query—by-Singing/Humming 23* | 20* | 17* | ¢&*
(1,718 7)4Eo.2 200565 2000 7b  QevvTeeend 5 1@
MIREX %7}33]01] 7@,'0%?} o;:_}jl %4\—% 7]%% A task =&t 86 | 92 | 122 | 156 | 285

_ * 1 task comprised two subtasks
ol R <X 1> AEFHT) 2} taskel ok AF # : task comprised three subtasks



MIREX 7|2 $%

o] ZollM Symholic Genre Classification, Symbolic
Key Finding, Symbolic Melodic Similarity%F
o] 4T EollelN ololzion, v
task &2 -‘-lj—'tl:‘ Az Az EHQleA o] Fo Rt
I ol tEY) SIS Ae dAPRbEol
Niﬂﬂ background& 7FA 11 Q17| wjEolc},
w3k AEY vlojefe] HlsjA CDY MP3 Hlo]
7 Al 78 & Q7] dgelth

Audio Music Similarity and Retrieval,
Query—by—Singing/Humming, Audio Artist
Identification, Audio Mood Classification,
Audio Genre Classification* % &< Ax 72
/\]/\Ealv,] /H _0_ ,1:17].0].d task—‘:—E ol:}ai;(]
W tasks°] Audio Melody Extractlon,
Audio Onset Detection, Multiple Fundamental
Frequency Estimation/Note Tracking, Audio
Tempo Extraction 3 o] 7|27]&3 #dd
ol Uk

1o E dEAQ tasksol thdk 20099
& MIREX 3 37} o 9 97} A7 Qo
I RERTo e =Y

1. Multiple Fundamental Frequency
Estimation & Note Tracking

of FRAFA 7]&2] 7o) H 9F]
1R FHsE A task@ AA 271
subtaskE =383} gt}
718 F959 contour®
e, H57)9) 71 FarE 93
H xE9 g S Zobd 4= Q) wfebA, 10ms
ZePEE Bl VR T $HES
ol subtasks} ©]F 7[HIO R +EE EH]

T gl

3= subtaskE T3S Eoh TYdERE F
dd AR} =ET A4 £o07 wpPls
ground— truth dlo|E{¢} B] WA half semi—
tone o] Eoj2W ZHlEA FHE AeE
589k B 9+ onset offset] 7
e Tg Brlssich
AREEE HlojEfHo]Ae
Variations for String Quartet, Op.18, No. b
o talr 2%, 2xl, el 58 vke 7
g W F531] A8t B8 RWC 7|
/AL 7 2949 A= 94, 834 7
oy AME TS5 AREETh 20099 H7t A
E<CE D9 <E DI 2oy, gHFYL Yeh
9} Roebelo] Aglst eruel&o| 0.688%F ac—
curacy oA HuAE Wokon], LE EE

$4 Beethoven's

7)-& Nakano, Egashira, Ono, Sagayama’} A
QFst AdrE|Fo] HuHS vkt

(¥ 2) Multiple Fundamental Frequency
Estimation E71Zat

Yeh & Roebel (2) 0.688

Yeh & Roebel (1) 0.646
Duan, Han & Pardo (2) 0.569
Duan, Han & Pardo (1) 0.548

Nakano, Egashira, Ono & Sagayama (2) 0.492

Zhang & Liu ' 0.488
Nesi, Pantaleo & Argenti (2) 0.483
Nesi, Pantaleo & Argenti (1) 0.437
Nakano, Egashira, Ono & Sagayama (1) 0.354
Raczynski & Sagayama (2) 0.272
Raczynski & Sagayama (1) 0.261
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(& 3) Multiple Fundamental Frequency Note (¥ 4) Audio Onset Detection T7}zn}
Tracking 7+t

Nakano, Egashira, Ono & Sagayama (2) 0.319 Robel(1) 0.790
Yeh & Roebel 0.308 Robel(5) 0.783
Nesi, Pantaleo & Argenti (2) 0.227 Pertusa & Inesta 0.768
Duan, Han & Pardo (1 0,222
. w Robel(4) 0.765
Raczynski & Sagayama (3) 0.159
i S Robel(3) 0.76f
Raczynski & Sagayama (1) 0.158
Tan, Zhu & Chaisorn(1) 0.744
Raczynski & Sagayama (4) 0.150
Tan, Zhu & Chaisorn(2) 0.734
Raczynski & Sagayama (6) 0.149
Tan, Zhu & Chaisorn(3) 0.686
Raczynski & Sagayama (2) 0.148
Tan, Zhu & Chaisorn(5) 0.682
Raczynski & Sagayama (5) 0.144 Tan, Zhu & Chaisorn(4) 0.679
Nesi, Pantaleo & Argenti (1) 0.136 Tzanetakis 0.505
Nakano, Egashira, Ono & Sagayama (1) 0.037
Bertin, Vincent & Badeau 0.003
3. Audio Melody Extraction
2. Audio Onset Detection 712 W 58 IEshs EYxY |0
oA Mz E FE5H= 71E2M Query by

Audio Onset2 209 215.2] #Zo] Hafzl Singing/Humming, Audio Similarity and
AAET A FTteRs £ JE o) Retrieval, Music Recommendation % AR&
gt 5of o|HEL] A ARG o]t} AL =t} o] task® voicing A& 9% A&E 1}

OO]:

& elofeHlo)l i F 8550 of FolM 30 rolr 4T 5 9Lk Voicing AES 54 A
< £2 B9, 30942 Be¥Y 9AE e 7199 Z9lef @R 91 AR} gl=A] of
°b7], 1032 £y A2 7= o), 15 K& doksl= Zlo]ar, X AEE voicing =
2 HEE V150l SAll AFE Fejoltk.  #YolM Ber) AHE FEehs Aotk AL
7} Zo djsid 3-5%) 75%4 A7} Audio w dlolEiWlo] A2 E MIR-1K Dataset (7}eh

A H58t T w8 1000502 745
2009 7} Aap= <E 4>8) 7”"31 Robelol 8lom singing voice$} WS ZHzh &
Akt OLEE}ZO] 0.796 2.2 F—measure4 o2% o] ©ER =038) MIREX0S

oM HuAg gk database (54 Qltjo} AW el ZM singing

EPO



i MIREX 72 5%

(H 5) Audio Melody Extraction T7}Zu}

Dressler 73.35%
Durrieu & Richard(1) 66.86%
Durrieu & Richard(2) 66,17%
Rao & Rao 65.22%
Cancela 62.88%
Joo, Jo & Yoo 56.64%
Cao & Li(?) 55.19%
Tachibana, Ono & Sagayama 55.08%
Wendelboe 55.07%
Cao & Li(1) 52.19%
Hsu, Jang & Chen(1) 50.49%
Hsu, Jang & Chen(2) 49.01%

voice$l ThFEE Qltjo} 7)EE
&), MIREX05 database (Rock, R&B, A=,
4 dobw 5 F2E F3ER= ) 5ol
™ Z+z} 10ms vht =02 BAIS Voicing 1.
o} YA ARE FFkA Qv As HrF Ak
<E 5>l 3itt.

A =553

4. Query by Singing/Humming/
Tapping

Query by Singing/Humming/Tapping< Ab
#Ho willie], 3, e o] g3l eule vt
dE A= 71€°lt):. Query by Singing/
HummingS 93+ 2} dlo]E o] AT = Jang's
corpus® IOACAS corpusZ AFE-313 1, 0]
Z "|t]E+ Essen collection® AMHE8Ft

Jang's corpust &AM thido] FH= 48
N Ew2Y vy I5F 118H R HE 53
3t 4431709 Singing/Humming 1522 74
g itk w1t I2F-L v|tady vitadz
e F2E wavdd, 18]z 7ZF vggd

semitone®] 7|1EH o] Sl pvtdE FAE T
Singing/Humming IEF< A 5% 39
wav 3, 2% 02 -2 semitones 7153
o, g8 3 rYatd 2 749tk Jang's col-
lection?] &W&E A3}, nlo]la2E 5 TS
BAolA 58, BT Y AR 7
& o] &3] "E3ith

IOACAS corpus®l+= % 106718 MIDI 3+
o] EAgt Query® AHEEE A& 10679
Abho] =83 £ 355709 Singing /Humming
wav ot} o] Query= Jang's corpus¥i=
tEA e Al BEhE AR ¥ 9
o] FE& ARSIt 20099delE 19270
MIDI 93} 40470 Query® 7% IOACAS
corpus2E& F7H4 07 ARMEEIGITh

A A DBQ! Essen collection< Jang's DB
9} TOACAS corpus®ll ¥3H5A] =2 200003
9] noise MIDI 3}o]t} Essen collection
5 E}E, T F U 17 ke ©
=

HAEE Jang's -corpus, I0OACAS corpus,
Essen collections ©]-€-38k= subtask$}, Jang's
corpus$} IOACAS corpusE Y¥ query® ©]
$3kar glojgHle] AR = ground—truth ®]T] <]
thorst WS ARRshe F WA subtask® T
d8dek. 2+ subtask] /‘3—5%‘7} 7NEE U
EoM HEO] top—10 FHIES ZHIA
mean reciprocal rank (MRR)€ Axtst=
7} top—10 el &upE WA o] o] Folx 9 17
A countdh= WS AHESIGITE <E 653 <&
7> HZol —r7}X] subtask Tl tisliA
Jango] Aerst & adpglEEoe] 71 953 s
< eI Query by Singing /Hummmg
o] Z$- 2006 dFH wlid B717} o] Fo A 11
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(E& 6) Query—by-Singing/Humming H7{Z}
(Known—{tem)

{H 8) Audio Classical Composer ldentification
HorEn (A9 159D

-2 MRR o !
Jang(2) 0.81 Wack, Guaus, Laurier, Meyers, 62 05%
Hanna, Allali, Ferraro & Robine 0.67 Marxer, Bogdanov, Serra & Herrera(2)
Jang(1) 0.66 Cao & Li{1) 60.97%
Cao & Li2) 60.03%
(& 7) Query-by-Singing/Humming E7Zat Xu, Zhen & Zheng(RUC2) 57.18%
(Variations) Wang(1) 56,35%
s ooy Burred & Pesters(1 55.66%
‘ (EIER} - Gount )
- : : Grecu, Lidy & Rauber(1)(full} 55.34%
Jang(1) 848
- - Burred & Peeters(2) 54 76%
Hanna, Allali, Ferraro & Robine 6.98 S 3 "
Wack, Guaus, Laurier, Meyers,
Jang(2) 6.97 Marxer, Bogdanov, Serra & Herrera(1) 54.73%
; . sl Liu,Zheng & Gao(RUCT) 54.40%
Oy L o] ¢l=ral 5 -1 o}
om Bt 2070e] il A dolat 3l Lidy, Grecu, Rauber, Pertusa, Leon & 53 57%
= Bolol}, 2009ddls A7l LyelE o) Inesta (1) (WMV) :
Lidy, Grecu, Rauber, Pertusa, Leon &
Holx & o] tofst vt o]Foix|%] X3t Inesta (2) (BWW) 53.57%
Xu, Liu, Zheng, Zhen & Gao{RUC1) 53,54%
. . Wang(2) 53.10%
5. Audio Artist/Genre/Mood
Seyerlehner & Sched! 52.56%

Classification

npsl, Bgks &% ol B
7ve] 277255 ARSItk B e < 8>
of| A4l ¥zo] Wack, Guaus, Laurier, Meyers,
Marxer, Bogdanov, Serra, Herrera”} #|¢+gt
Se)Fo] 62.05%8 ¥R Hi s @
Ak,

Az 74ag 984 MIREX2007 collec—
tion#} Latin music database® ©]&3}3ich
MIREX2007 collection& E524, A=, HE

= 1113:1 ELEHN zL:l‘l

?4 ule o, Zaa), 2aE, dPER Y} dg
= slmE/rE 5 100 RS 70003 5
&t} Latin music databases= MIREX2007
48] ok e W, B w0

L QU F7HA o] EHel A

ollection¥+=

CO
ReN (o v =]
= Q_}—E jﬁ‘d‘o

= Ol%ﬁ gHAE 5o giaA Caost LiZk Al
otal dhyalFo] 7M F2& AES HY O

MIREX 2007collection°ﬂ i 73.33%,
Latin Music Database] thajr+ 74.66%2
AECE ol
£of Agel Bofold T Sob& 7 &
@ oR AMH T ik B3 AR
Sot HAME FEF o] &5l wo) 7}
o] AT Yo 2 FrlelM =

A Efold-HAE dueis

ek el g goleh wRe Ak

o 1o
(uf
*49_

&

P

< o

A
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(H 9) Audio Genre Classification 7+Z0}
(MIREX 2007 collection: A% 15%))

(H 10) Audio Mood Classification Z7-Znt

: Cao & Li(1) 65.67%
Cao & Li(2) 73.33% Ceo & Li(2) 65.50%
Cao & Li(1) 73.23% Peeters 63.67%
Grecu,Lidy & Rauber(1)(full) 71.23% Wack, Guaus, Laurier, Meyers, Marxer, | g5 gag.
Burred& Peeters(1) 70.63% Bogdanov, Serra & Herrera(5)

Wack, Guaus, Laurier, Meyers, Marxer, 70.44% Wang(2) 61.67%
Bogdanov, Serra & Herrera(5) : Liu, Zheng & Gao(RUC1) 61.67%
Xu, Zhen & Zheng(RUC2) 69.36% Wang(1) 61.33%
Xu, Liu, Zheng, Zhen & Gao(RUCY) 68.93% Grecu, Lidy & Rauber (1) (full) 60.83%
Lidy, Grecu, Rauber, Pertusa, Leon &

lnegta 1) (WWV) 68.84% Feng, Chen & Yang(1) 60.33%
B Peeters(2 % Lidy, Grecu, Rauber, Pertusa, Leon &

}Jrred & Peeters(2) 68.51% nesta (2) (BWW) 60.17%
Liu, Zheng & Ga‘f(RUC1) 68.29% Xu, Zhen & Zheng(RUC2) 60.00%
Tsunoo, Tzanetakis, Ono & Sagayama 67.89% Wack, Guaus, Laurier, Meyers, Marxer, 5 83°/
Tzanetakis(2)(stereo) 67.87% Bogdanov, Serra & Herrera(3) Dkt
Lidy, Grecu, Rauber, Pertusa, Leon & o Burred & Peeters(2) 59.67%

67.39%
Inesta (2) (BWWV) i
Wack, Guaus, Laurier, Meyers, Marxer, 59 50%
Seyerlehner & Schedl 66.60% Bogdanov, Serra & Herrera(6) :
Wang(1) 65.99% Tzanetakis(1){mono) 59,33%

Srith b2 Friske dolgHlo| AR dXjs)
2 ¢korw dwFHY vl E7bssith
uwebd, IMIRSELAAE AMG FE #HolE&
o] &34 ol o) 57| FE FHAEIE A
gl

— Cluster 1: passionate, rousing, con—
fident, boisterous, rowdy

— Cluster 2! rollicking, cheerful, fun,
sweet, amiable/good natured

— Cluster 3: literate, poignant, wistful,
bittersweet, autumnal, brooding

— Cluster 4: humorous, silly, campy,
quirky, whimsical, witty, wry

— Cluster 5: aggressive, fiery, tense/

nxious, intense, volatile, visceral

wdk F 1250312 APM collection (www.
apmmusic.com) & APM wEld|o]E]E o] &3}
o 57K = FHAH F WHHE £/
Bl AE AREE 4= QIEE 319{th APM vE}
dlo]E7} $Al BREREA Blst] AsiA 3
o] Eolxal 29 o|Ado] $ria Azteke FE
ZY2HZE AEFE AT <E 1052 ©]
27 e dolHE o] g3l duEES
Egold/HiES Y 5 e AAT 23
ot} <& 10>l ®XEo] F& Eiell o=
Cao%} Li7} Alekst darglEol 65.67%= 718
2 A5E B3tk

o 1.

6. Audio Tag Classification

B 71 2ok E1 d4HE 2o|(RE,

Flo
tlo
o
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AER ob7) "I R ddAEy] £& 2914, (& 12) Audio Tag Classification H7}Zz}
20 2 Az (Major Minor}
74e) Bae) 2ue)E Aol A4 0§
3}, 7)&olt}, B Sof TlEl) Sol7k g Participant .1
e /\}%X} 9 9 7§ o o o ASPAPN = FN Lo, Wang & Wang(2) 0.3
Tzanetakis(2) 0.293
1 g% 2= o =22
V}o i HH }\H) E]f 3}1,}0} 25 13’ a{ﬂ Burred & Peeters(2) 0,29
£ ofg] e g1E V‘ T glom, dojejuo] Tzanetakis(1) 0.29
A &5 s 2,300 thaliA MajorMinor Lo, Wang & Wang(1) 0.789
AL o],.g O}oq 73 Oooygcq 7S Ao} Burred & Peeters(1) 0,277
20004 HAES S8 USPOPS wgtsle) (0 &UM 0.263
. . = - b Cao & Lif2) 0.241
3,469 thalA <3 11>9 B 1% E57ol oo & L) 0.209
7I9F 341 18709 F-= B s FE-S 58k Cao & Li(3) 0.17
gabapoiet?  Hoffman, Blel & Cook 0.044

Ad A3l <FE 1259 <F 13>] H50] F7}
2| subtask E5o thallA Los} Wango] Aek

e

darelFol Hie

ox
i
©
T
2
=

(E 1) QL)@ B 15 E81%

Tags

calm, comfort, quiet, serene, mellow, chill out, caim down, calming, chillout, comforting, content, cool
G12 down, mellow music, mellow rock, peace of mind, quietness, relaxation, serenity, solace, soothe, soothing,
still, tranquil, tranquility, tranquility

G15 sad, sadness, unhappy, melancholic, melancholy, feeling sad, mood: sad - slightly, sad song
Ghb happy, happiness, happy songs, happy music, glad, mood: happy
G32 romantic, romantic music

G2 upbeat, gleeful, high spirits, zest, enthusiastic, buoyancy, elation, mood: upbeat

G16 depressed, blue, dark, depressive, dreary, gloom, darkness, depress, depression, depressing, gloomy
G28 anger, angry, choleric, fury, outraged, rage, angry music

Gi7 grief, heartbreak, mournful, sorrow, sorry, doleful, heartache, heartbreaking, heartsick, lachrymose,
mourning, plaintive, regret, sorrowful

Gl4 dreamy

G cheerful, cheer up, festive, jolly, jovial, merry, cheer, cheering, cheery, get happy, rejoice, songs that
are cheerful, sunny

G8 brooding, contemplative, meditative, reflective, broody, pensive, pondering, wistful
G29 aggression, aggressive

G25 angst, anxiety, anxious, jumpy, nervous, angsty

G9 confident, encouraging, encouragement, optimism, optimistic

G7 desire, hope, hopeful, mood: hopeful

Gl earnest, heartfelt

G31 pessimism, cynical, pessimistic, weltschmerz, cynical/sarcastic

Gl excitement, exciting, exhilarating, thrill, ardor, stimulating, thrilling, titillating




2l MIREX J1& 5%

{H 13) Audio Tag Classification E7}|Zu}

(¥ 14) Audio Cover Song Identification &7 Zu}

(Mood Set) (Mazurkas)

] LoWang Py WamrTg(Z) i 0.219 Serra, Zanin & Andrzejak 0.96
Tzanetakis(1) 0.21 Ravuri & Ellis o9
Tzanetakis(2) 0.209 Aihonen 0.5
Lo, Wang & Wang(1) 0.204 (& 15) Audio Cover Song Identification T7 |2}
Burred & Peeters(1) 0.195 (Mixed)

Burred & Peeters(2) 0.193
Cao & Li(4) 0.183 Serra, Zanin & Andrzejak 0.75
Cao & Li(2) 018 Ravuri & Ellis 0.66
Cao & Li(1) 0172 Ahonen 0.2
Cao & Li(3) 0.147
Peeters 0.084
Hoffman, Blei & Cook 0,063 8. Audio Similarity and Retrieval

7. Audio Cover Song ldentification

Av%2] A 2l= “a recording of a song or
tune which has previously been recorded by
someone else”o|th. &, A2 €, HE g
5, 7W} Aol T& v FE 3 Qv
webd, AHAME Q142 Audio Similarity and
Retrieval 71€%} fAFSE ofo]tt.

HAES] ARGE HolEfHlo] A 499] nf
FE7F 73 AMF FolAM 1138 Q92 44
st 74 SRk FHA dlolgwo) A= 27}
1132 AWEE 7 303t tisiA HAE
g ANt o] AeE E34, A=, 7taE
5 v 422 238 ok

HAE AT <E 1459 <E 1550 BE]
Serra, Zanin, Andrzejako] A|<Het & zjEo]
Z} dloJefeo) Ao s 0.963% 0.752] &
EE M 5% A s Btk

 taskis TR g0 AlE 71 fAEE &4
3k= 71%2M, Audio Music Mood Classification,
Audio Artist Identification, Audio Genre
Classification, Audio Cover song identi—
fication¥} H]5=8t 7]& Fofo|t}. dio]g Ho]A
Zx 1070 A2 700059 2He FHE ol &
s on, Hypole Algo] A3 FolEi
FAIEE ZAA4%h= W (not similar, some—
what similar, very similar & 3t 7HX| & A€
AU 0-10 2AYE FALEE H7h = A
Ao g ZAsh= ol qloh AdA SN
B¢ AE/ASTYAE Wz & o83ty
number of times similar curve® 184 53
sty 7 A3, <FE 16>9] B50] Pohlegt
Schnitzere] #|oFst Larg]Eo] 2007d H7lel
olojA 7P 4% daElE R AU
w3 Pohle9} Schnitzere] 2007wl #|etsk
duE)Ee BolEo] 20094l AlRbet 4]
Fol oo 29F AAFT
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(# 16) Audio Music Similarity H7znt 44.2456460 45.7201130 E

o AR ; Fine Score’ 45.7201130 47.2061900 E:7/3

Pohle & Schnitzer(2009) 6.46 47.2061900 48.6922670 A

Pohle & Schnitzer(2007) 5.75 48.6922670 50.1551240 A:min/b3

Bogdanov, Serra, Wack & Herrera

(hybrid) 573

Lidy & Rauber 5.47 <E 17> GE 18>0 Bo] Egold & €

Anonymous 5.39 AEE st H9-o t)s]= Weller, Ellis,

Cos U 5% Jebara FielFo), Edold glo] HAES &

Tzanetakis 534 . Ooﬂl—_ Mauch} Di o StEZo] 14

Bogdanov, Serra, Wack & Herrera SRR auc 1xon = °

(dass) > 958 A5 Bah

Hubler(1) 504

Hubler(2) 493

Fields(micc10) 259 & 17) Audio g:’;ﬁ%ﬁgeﬁon a1

Maillet & Eck{sda) 2.59

Cao & Li(1) 2,53 wm g verla
Weller, Ellis & Jebara(4) 74.20%
Weller, Ellis & Jebara (2) 72.30%

9. Audio Chord Detection Weller, Ellis & Jebara(3) 72.30%
Weller, Ellis & Jebara(1) 70.40%
220 3] 3 gl B =0 in - i
= 713,« O} g' _/kgd/} ‘74 = _])\é =L o]% gggg;aﬁ:ag Eg}scalchl, Uchiyama, 70.10%

st chord® AEshe 7e®, 2Ue F2 &2
b ere AR AAF ol AR Bt g
o3t chord 0% iiE)Zo0] EAISA G ALLE

3 Sl vlolEmlo] gl Z7g MbH ) sjo] g AF

T HW7} o8B B asko| M= o2 &) E
staak st

tolewo] ~2+= Christopher Harte?] W&
Z HolHAEE o] &3klth T3k 2009d o=
Mauch7} A58 Queeny}t Zweieck ©lo]E|A)
Er FROFE ARSI AE 4Rl
Ground—truth dloJH= th3} Zo] A|=A71
EAIZY 783 chord WolEe] R ¥y 5
Syryel.

41.2631021 44.2456460 B

(¥ 18) Audio Chord Detection =7z}
(No Training)

e ap
Mauch & Dixon 71.20%
Qudre, Grenier & Fevotte(2) 71.10%
Khadkevich & Omologo(2) 70.80%
Oudre, Grenier & Fevotte(1) 70.60%

Ellis 69,70%

Khadkevich & Omologo(1) 69.70%
Pauwels, Varewyck & Martens(1) 68.20%
Papadopoulos & Peeters 67.30%
Pauwels, Varewyck & Martens(2) 65.40%
Rocher, Robine, Hanna & Strandh(1) 62.90%

Harte 57.60%

Rocher, Robine, Hanna & Strandh(2) 54.50%
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10. Audio Beat Tracking

¥ taskollMs U] AlFoA HIE Y&
HEskA} s wlolE#lo]AZ = Choping
Mazurka 367 pieces® MIREX2006014 AR&-
A McKinney Hle]E]E 0]£313t) McKinney
dlole &= 30278 160302 FA5<] 9leH
o] Aol 40789 FHAAT SR v]
E JAE &o= A o] FellA 20
Egolds A 7R NA mE AlF=HY,

(X 19) Audio Beat Tracking H7}Z1} (Mazurka)

Davies, Robertson & Plumbley (3)

0.678
Peeters (2) (VE) 0.547
Peeters (1) (VE) 0,542
Davies, Robertson & Plumbley (2) 0.484
Peeters (4) (CE) 0.454
Davies, Robertson & Plumbley (4) 0.453

Lee 0.449

Peeter (3)(CE) 0.447
Oliveira, Gouyon & Martins (R) 0.321
Oliveira, Gouyon & Martins (SC) 0.307
Davies, Robertson & Plumbley (1) 0.279

(H 20) Audio Beat Tracking E7}2n} (McKinney)

Ue ] 14052 HAEd] ARSIt <& 19>
9} <E 20> ®0], Mazurka®?l McKinney
dlo]efdlolAe] s Zk2t Davies, Robertson,
Plumbley &112]&%} Peeters €28l °] 713
B3tk Peeters €&
Mazurka Ho[ElH[o] Ao WM E 25 15
A8

Z=9 o
£ A5E

11, Structural Segmentation

2 tasks Single channel/CD—quality 2.¢
2 A5 TZE segment BE AES Ve
ZH, “onset_time> <offset_time> <label>”
1} 2] Chris Harte?] F= #ol8% 9 4
g & e7siGith 220 disiA
Ground truth HloJEj7} A8k, 1 5 177
2 B EZ ot} AA| BF7F A& labelo] &
22 BUrh= onset—offsetel] i3t F7HE F=
3 Er, <E 21> H50] H7FE3R= Mauch,
Noland, Dixon &x8|Eo] 7 £2 A5S

ik

{HE 21) Structural Segmentation 721}

Mauch, Noland & Dixon 06
Peeters(1}(VE) 0.548 Anonymous(1) 0.582
Peeters(3)(CE) 0.546 Anonymous(2) 0.577
Peeters(4)(CE) 0,545 Paulus & Klapuri 0.54
Peeters(2)(VE) 0.537 Peeters 0.533
Lee 0.5
Davies, Robertson & Plumbley(4) 0.48
Davies, Robertson & Plumbley(3) 0.47 12. Music Recommendation
Qliveira, Gouyon & Martins(R) 0.415
Oliveira, Gouyon & Martins(SC) 0.397 B 71eL 200990 A& Ak taskZ 7}
Davies, Robertson & Plumbley(2) 0.354 A7) BEZFA HAES AP A= EW) S
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ot 71Ed o F ololE29 Genius7t AlF-
= 2l o) seed FO2HE FHIES 37
, 7He1€ 2 Q. (personalized radio) oA 22

Zoo] YAES AT A BER 3

2 7l A A A W Bt opy
2} 54 Fob oAk ok gof ) wisaeu
AL SR 2o AR WES §& A3 AL
B2 Z2 g o838t collaborative filtering
W ol wol AR AL

it Y

. S F2AY J1=0 S8X

St ARAA (Music Information Retrieval)

158 Al 7] 8. 88317} 9leH, )t 7%
S48 AT A@Ao] A= g 7t 7] gAR
B xAHo7 spaE dovt gloh

N
R

Singing/Humming/Tapping& ©]-&3F <
A 7S Al g 9, wm= gy Al
oA Az, wix} 7R} 5o JRE FEalo
1 }HPOE AREAE Qe Y= H A 9]

O

>
Ty
fio
=
oo [
of
_1\2
ol
of
o
Iz
3‘“
oX,
b
_'_:Z
}

2 o]g3lo] AAs] Bl
3= MPEG~79 1% %F%UMG% tﬂ 15 o]

L:}' F’£§}, U}j],(ﬂ cpuby] MERkA 5@ 717
gl p|tje] MulA 5 vhekeh S-gA el o] 4
WE AoR vidEd, ¥ Ve #dR
MIREX task® = Audio Beat Tracking, Audio
Melody Extraction, Audio Onset Detection,

Audio Tempo Detection, Multiple Fundamental
Frequency Estimation /Note Tracking 5©]
Uk

T3 0" Sof 2ol %7}5“‘4] A,
= 7E Ee] &
Ao 24
7} Pl 2410
| At s e
igital rights management (DRM) o}
Joig = 9le}. 53], sl diEo St
e T S99 w9 £4E Fof Y|
84 & Stk ¥ 7]s3 ¥d9 MIREX task
F& Audio Beat Tracking, Audio Chord
Detection, Audio Melody Extraction, Audio
Onset

_134,&:1

Detection, Multiple Fundamental
Frequency Estimation /Note Tracking, Audio
Cover Song Identification, Audio Similarity and
Retrieval &°] 9lth

Al WA Music Recommendation 7}&< &
of A& & FE] /M7t 7R (Audio Artist
ldentification), Jazz, Classical, Hip—Hop,
Rock © ojd A=¢) 2ozl (Audio Genre
Ciasmﬁcaﬁon) A ARG SREE B
g ARRAl ﬁg}fr__,_ ZALLRESE R S o}

=1, i

5 l‘" Eie§ AR T L} o wap A
Ash TS 23R 7)4olth B 7L A4s)
o 7HA7hE U] 9 Qe A Ve Aure X

A 799 G, B9 L, Lokl B
2ol g oHle V] 9 Ed Ak 5
TR ARAA7I7] ARIA Qs F3
Az el o A AR AuaE AT
¥ 4 goe} e,



4l MIREX 7| 5%

v. &8

r

o] ARA} Aok 5o ux9) &
o] 7]3}:»%_; 271l weh, got e o
& JRE THEEt] AREARY] Qe g5}
+ AHIAE AlFshke 2o AREA (Music
Information Retrieval) 7]&2] ¥Q4do] thF
HI Gtk 2o ARAA )& dist T 5
< ISMIR Conference®llA wid 2HEEH 1 §lo
9, 7led H1 A5e e dudse
MIREX %7135 &3l &1% & Qitk. & 7]
M= MIREX B7t8l9] 7|& Fas A Bt
1, 2o AEAA V1= S4AE 71Esisith
MIREX B7}sjel] 7hst darels Zzte] gt
A [8]E Fxer] wieit,

MIREX B7}3]ol|l X AL 3l 8 task
v A $871e TIER YR Atk &
o ARPAE o]g3e SRV|E

o

[on

=

X
32 R

=

-

— Audio Artist/Classical Composer
Identification

— Audio Cover Song Identification

— Audio Genre Classification

— Audio Mood Classification

— Audio Similarity and Retrieval

— Audio Tag Classification

— Music Recommendation

— Query by Singing/Humming/Tapping

— Symbolic Genre Classification

— Symbolic Melodic Similarity

g gdod, Th)e

— Audio Beat Tracking

— Audio Chord Detection

— Audio Drum Detection

— Audio Key Finding

— Audio Melody Extraction

— Audio Onset Detection

— Audio Tempo Detection

— Multiple Fundamental Frequency
Estimation/Note Tracking

— Symbolic Key Finding

— Structural Segmentation

o} 2}, vlael] e Sof JRAA F& AlA
2e e 7bEd siale] dgA ol
|2 S0l Audio Onset Detection¥} Multiple
Fundamental Frequency Estimation 7|&&
AT Audio Melody Extraction 7]&8] &£
&) /ML Query by Singing/Humming< )
o ‘3}“5} % oL ’\WV\ 2ok 71l dse
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