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A Study on Real-time Face Detection in Video
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Abstract

This paper proposed Residual Image detection and Color Info using the face detection technique. The proposed
technique was fast processing speed and high rate of face detection on the video. In addition, this technique is
to detection error rate reduced through the calibration tasks for tilted face image. The first process is to extract
target image from the transmitted video images. Next, extracted image processed by window rotated algorithm
for detection of tilted face image. Feature extraction for face detection was used for AdaBoost algorithm.
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Fig. 1. Flow chart of face detection system
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