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Abstract Finding communities from network data
including social networks can be done by clustering the
nodes of the network as densely interconnected groups,
where keeping interconnection between groups sparse. To
exploit a clustering algorithm for community detection
task, we need a well-defined similarity measure between
network nodes. In this paper, we propose a new similarity
measure named "Common Neighborhood Sub-graph
density” and combine the similarity with affinity propa-
gation, which is a recently devised clustering algorithm.
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