442 ARAFH=FA: ZFH A4 £ #HE A 16 F Al 4 320104

A oH]A
neheAe 9% M-Ed
Auke] ey

T

(M-tree based Indexing Method
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o £~
=4

+ -~ = Tt
T 24 EE

(=}
ar

(Jeongsoo Yu) (Jongho Nang)

2 o & =RdAMe dFg ARl doHue]2
AR FAE st BEs-Ae Adske
94 FHE ALagch Adg He dEHA A
A9 A M-EgE 718 &2 Yt a8y
M-EZ £ pruning€ & AYe A&A 2HE wF3U
or HE9AE FFHoR ;HEA] Yurh g B
ERdAE M-EZ9] == Jd iy, == 8 Y 2
== BY 238 HIRACE AHs=S WA A
A WHE HEst AFT A% == SAEY F>
By FozolA zbzh 2ufel 15u09] ES dehliien,
24 AsE of 20AE WgAE EAE A
719E - A9, BERA, AR P, M-Ed

ol r2

Abstract In this paper we propose an indexing
method supporting the browsing scheme for effective
image search on large photo database. The proposed
method is based on M-tree, a representative indexing
scheme on matrix space. While M-tree focuses on the
searching efficiency by pruning, it did not consider
browsing efficiency directly. This paper proposes node
selection method, node splitting method and node split-
ting conditions for browsing efficiency. According to test
results, node cohesion and clustering precision improved
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15 and twice the original respectively and searching
speed also increased twice the original speed.
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