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ABSTRACT
Real-time system were observed by using SIFT based on F-Hessian feature tracking
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F-Hessian SIFT-Based Railroad Level-Crossing Vision System
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Hyung-sup Lim - Hak-sun Yoon
This paper presents the experimental analysis of a F-Hessian SIFT-Based Railroad Level-Crossing Safety Vision System. Region

of surveillance, region of interests, data matching based on extracting feature points has been examined under the laboratory

condition by the model rig on a small scale.
method and other common algorithm.

F-Hessian SIFT”|

SIFT(SIFT : Scale Invariant Feature
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Fig. 2 Gaussian Derivatives Filter
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Fig. 6 ROS Setting and Object Entry in ROS

97 oled AgelA olule] FHAlet AR

olg% % 2

=l ] 0
9 Aesk 71¥E F5, SIFTE =

= YeEhiit

EECR T
) 73}

o

Fig. 7 Gaussian Smoothing of The Image Processing
and Extracting Key, Points, Sift Matching Results.
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Object Descriptors: 0
Image Descriptors: 166
Time: 17.5745ms

Object Descriptors: 94
Image Descriptors: 222
Time: 43.3631ms

Find Target: (72, 14]->(155, 128]
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Fig. 11 Detection of Unstable State and Stable State
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