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Development of the Estimating Equation for Children’s High-Exposure to Habitat’s
Magnetic Field using Particle Swarm Optimization
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ABSTRACT

This paper describes the development of estimating equation for under 16 aged children’s exposure to habitat’s magnetic field for 24 hours
by using particle swarm optimization(PSO) algorithm, which was carried out by using the measured database collected from the exposure
survey to Korean habitat’s magnetic field as to under 16 aged Korean students such as preschooler, children in elementary school, and children
in middle school. Sex, age, residence type, size of habitation site, distance from power line, and power transmission voltage are used as the
input data of estimating 24 hour’s personal exposure to magnetic field. And distribution of 24 hour’s personal exposure to magnetic field,
exposure characteristic to magnetic field, and exposure characteristic to magnetic field according to special conditions, are analyzed for under
16 aged children.
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habitat's magnetic field as to preschooler
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