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Abstract
Constant false alarm rate (CFAR) is an automatic detection algorithm for active sonar system. Among several CFAR
algorithms, ordered statistics (OS) CFAR has the best performance over cell averaging (CA), smallest of (SO), greatest of
(GO) algorithms at non-homogeneous environments. However, OS CFAR has the disadvantage of bad detection
performance in multiple target conditions. We suggest an ordered statistics ratio (OSR) CFAR algorithm that is robust to
multiple target environments. The proposed and conventional schemes are compared with computer simulations.
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Table 1. Scale factor T of OSR algorithm at 7, = 1076,

o |o

k N=8 N=16 N=24
1 2142000 2065000 2043000
2 3795 3583 3537
3 5394 500.8 498

4 222.25 2024 198.7
5 138.66 120 117.325
6 109.55 85.83 83.47
7 112.95 68.11 65.79
8 5764 55.18
9 50.95 4821
10 46.54 43.335
11 4369 39.775
12 42.13 37.0865
13 42.03 35.015
14 44.485 33405
15 56.08 32.155
16 31.206
17 30.535
18 30.135
19 30.058
20 30.42
21 31.54
22 34435
23 44.465
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Table 2. Simulation environment for performance
comparison.
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