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ABSTRACT

In this paper, we go one step further in that the number of competitive layers is not determined by experience but can be determined by
fuzzy control rules based on input pattern information. In our method, we design a set of membership functions and corresponding rules and
used Max-Min reasoning proposed by Mamdani. Also, we use centroid method as a defuzzification.

In experiment that has various patterns of English inputs, this new method works beautifully to determine the number of competitive layers
and also efficient in overall accuracy as a result.
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Fig. 4 Membership Function for Number of
Competitive Layers
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