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Computational Methods for Traditional Korean Medicine : A survey

Sang Kyun Kim, Hyun Chul Jang, Jin Hyun Kim, Chul Kim, Sang Jun Yea, Mi Young Song*

Information Research Center,

Traditional Korean Medicine (TKM) has been

Korea Institute of Oriental Medicine

actively researched through various approaches, including

computational methods. This paper aims at providing an overview of domestic studies using the computational

techniques in TKM field. A literature search was cond

ucted in Korean publications using OASIS system, and major

studies of data mining in TKM were identified. A review was presented in six diagnosis fields, including sasang
constitution diagnosis, eight constitution diagnosis, tongue diagnosis, pattern diagnosis for stroke, diagnosis based on

ontology, diagnosis for cause of disease. They collect

clinical data themselves for experiments and primarily applied

a algorithm of decision tree, SVM, neural network, case-based reasoning, ontology reasoning, discriminant analysis. In
the future, there needs to identify which algorithm is suitable to diagnosis or other fields of TKM.

Key words : computational method, data mining, tradit

ional korean medicine, survey
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