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ABSTRACT

We use adaptive method and determine threshold coefficient so that the algorithm could decide a suitable binarization
threshold coefficient of the image to detecting a marker; therefore, we solve the light influence on the shadow area and
dark region. In order to improve the speed for reducing computation we created Integral Image. The algorithm detects
an outline of the image by using canny edge detection for getting damage or obscured markers as it receives the noise
removed picture. The strength of the line of the outline is extracted by Hough transform and it extracts the candidate
regions corresponding to the coordinates of the corners. Markers extracted using the equation of a straight edge to find
the coordinates. By using the equation of straight the algorithm finds the coordinates the corners. of extracted markers.
As a result, even if all corners are obscured, the algorithm can find all of them and this was proved through the experiment.
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Fig. 1. Binary image.
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3.2.2 Hough Transform
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Fig. 4. Results.
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