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A Study on the Knowledge Acquisition from Local Companies and
Job Seekers using Data Mining Techniques
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Abstract

The purpose of the study is the acquisitions of knowledge related in job searching from local companies and job
seekers using data mining techniques. At the first step, for the study, we had selected the local companies their
headquarters are located in Jeonbuk province. Then we had picked the graduating students out from the high schools,
colleges, and universities in the same area as the job seekers. After the targeting of the sample, we had surveyed 560
local companies and 14 schools for the collecting of the preliminary data. As the result of the survey, we could collect
173 responses from the companies and 551 responses from the job seekers. At the second step using data mining, we
had adapted the Cb5.0 algorithm to extract the inference rules. Then we had used the Visual Basic (VB) programming
language to visualize the rules at the third step. At the fourth step, we transformed the inference rules into DB
tables. At the final step, we had executed the rule inferences to support the development of the long-term human
resources development (HRD) strategies. As the result of the study, we could suggest the helpful information to the
HRD directors and job seekers in designing their strategies in managing their jobs and career development.
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Table 1. Pseudo code of backward inference

Sub Backward Inference
Move to the First Rule
If There is no Hypothesis Then
Exit Backward
Else
For 1 = 1 To Number of Hypotheses
Call the function TestHypo (with
Hypotheses)
If you got the Final Goal (Result) Exit For
Next 1
End If
If There is a Normal Conclusion Then
Stop the inference
Else There is an Abnormal Conclusion
No Cnclusion and Check the knowledge base
End If
End Sub

145



Journal of Korean Institute of Intelligent Systems, Vol. 22, No. 2, April 2012

Function TestHypo(Hypothesis)
If There is no Hypothesis and Matched value
Then
Return False (with Abnormal Conclusion)
Exit Function
Else
Remember the current Rule Number
Do Until the End of Rules
Increase the The Number of Rules
Remember the Rule Number
Move to the Next Rule
If There is not Matech Rule Then
Exit Do
End If
Loop
End If
Return to the Previous Hypothesis
For i = 1 To the Count Of Rules
Bookmark & Remember the Current Rule
Number
Check the Hypothesis with Rules
If Hypothesis is True Then
Return the Conclusion of the Hypothesis
Exit For
Else
Bookmark & Return to the Hypothesis
Remove the rules verified (got the result)
Return to the First Rule
If There is no Matched Rule & at the End
of the Rules Then No Matched Rule & Exit For
End If
End If
Next i
End Function
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