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Pulmonary Nodule Detection based on Hierarchical 3D Block
Analysis in Chest CT scans
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ABSTRACT

In this paper, we propose the pulmonary nodule detection method based on hierarchical 3D
block analysis. The proposed system consists of two main part. In the first part, we select the
block which is need to analysis. In the second part, we analysis the selected blocks. We extract
the shape based features of the object in the selected blocks. Support Vector Machine is applied
to the extracted features to classify into nodules and non-nodules.
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Fig. 1. Block based Lung Image Analysis Method
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Fig. 3. The histograms of block image entropy

(left - noise, right - object), (a) 32, (b) 24, (c) 16, (d) 12, (e) 8
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Fig. 2. Result image after block split (a) 32,
(b) 24, (c) 16, (d) 12, (e) 8
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Fig. 5. Block location adjustment using center of mass
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