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Abstract

In this paper, we propose the classification method of medicine bottle images using the features with color and size
information. It is difficult to classify with size feature only, because there are many similar sizes of bottles. Therefore,
we suggest a classification method based on color information, which robust to illumination variations. First, we ex-
tract MBR(Minimum Boundary Rectangle) of medicine bottle area using Binary Threshold of Red, Green, and Blue in
image and classify images with size. Then, hue information and RGB color average rate are used to classify image,
which features are robust to lighting variations. Finally, using SURF(Speed Up Robust Features) algorithm, corre-
sponding image can be found from candidates with previous extracted features. The proposed method makes to re—
duce execution time and minimize the error rate and is confirmed to be reliable and efficient from experiment.
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