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Abstract

In this paper, we propose the injurious moving picture filtering system using certain sounds contained in the injurious
moving picture to filter injurious moving picture which is distributed without limitation in internet and internet storage
space. For this purpose, the Gaussian Mixture Model which can well represent the characteristics of the sound, is
used and frame level likelihood estimation is used to calculate the likelihood between filtering target data and the
sound models . Also, the pruning method which can real-time proceed by reducing the comparing number of data, is
applied for real-time processing, and MWMR method which showed good performance from existing speaker
identification, is applied for the distinguish performance of high precision. In the identification experiment result, in
case of the frame rate which is the proportion of total frame to high likelihood frame, is set to 50%, identification
error rate is 6.06%, and in case of frame rate is set to 60%, error rate is 3.03%. As the result, the proposed system
can distinguish between general and injurious moving picture effectively.
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